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The Health Impacts of Eviction: Evidence from the National Longitudinal Study of
Adolescent to Adult Health
Abstract
Eviction represents an urgent social and economic issue in the United States, with nearly two million
evictions occurring annually in the U.S. Still, the population health impacts of evictions, as well as the
pathways linking eviction to health, are not well documented or understood, particularly among young
adults. Using nationally-representative, longitudinal data from the National Longitudinal Study of
Adolescent to Adult Health (1994-2008) (n=9,029), the present study uses a combination of analytic
methods—including prospective lagged dependent variable regression models, inverse probabilities of
treatment weighting, longitudinal first difference models, causal mediation techniques—to
comprehensively assess whether and how evictions relate to depressive risk and self-rated health across
early adulthood, paying particular attention to the stress-related pathways linking eviction and health.
Results provide robust evidence of positive longitudinal associations between eviction and depressive
risk, in particular. In the prospective regression models, young adults who experienced recent eviction had
more depressive symptoms and worse self-rated health than those who were not evicted, net a host of
background characteristics. Using treatment weighting techniques, results showed that young adults who
experienced eviction had more depressive symptoms than those who were not evicted (5.921 vs. 4.998
depressive symptoms, p=0.003). Perceived social stress mediated nearly 18 percent of the associations
between eviction and the depressive symptoms (p
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Abstract
Eviction represents an urgent social and economic issue in the United States, with nearly
two million evictions occurring annually in the U.S. Still, the population health impacts of
evictions, as well as the pathways linking eviction to health, are not well documented or
understood, particularly among young adults. Using nationally-representative, longitudinal data
from the National Longitudinal Study of Adolescent to Adult Health (1994-2008) (n=9,029), the
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present study uses a combination of analytic methods—including prospective lagged dependent
variable regression models, inverse probabilities of treatment weighting, longitudinal first
difference models, causal mediation techniques—to comprehensively assess whether and how
evictions relate to depressive risk and self-rated health across early adulthood, paying particular
attention to the stress-related pathways linking eviction and health. Results provide robust
evidence of positive longitudinal associations between eviction and depressive risk, in particular.
In the prospective regression models, young adults who experienced recent eviction had more
depressive symptoms and worse self-rated health than those who were not evicted, net a host of
background characteristics. Using treatment weighting techniques, results showed that young
adults who experienced eviction had more depressive symptoms than those who were not evicted
(5.921 vs. 4.998 depressive symptoms, p=0.003). Perceived social stress mediated nearly 18
percent of the associations between eviction and the depressive symptoms (p<0.001). In the first
difference models, young people who experienced eviction between survey waves experienced
greater increases in depressive symptoms over time compared to those who were not evicted, net
of changes in other indicators of socioeconomic status and residential instability. Taken together,
our results suggest that the recent surges in evictions in the U.S. serve as a potent threat to
population health during the emerging adult period, with especially devastating consequences for
low-income individuals and communities of color.

Key Words: Eviction, Health, Depression, Emerging Adulthood, Young Adulthood, Housing,
Psychosocial Stress
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1. Introduction
Eviction is one of the most urgent social and economic issues the United States currently
faces. Though eviction most often refers to the forcible expulsion of a tenant from a residence by
a landlord, eviction can also include the loss of housing following end-stage foreclosure.
America has experienced a dramatic increase in evictions among renters in the last 20 years,
jumping from 518,873 evictions in 2000 to 898,497 in 2016 (Desmond et al., 2018). Similar
increases in foreclosures were seen between 2000 and 2012 (Arnio et al., 2012). The COVID-19
pandemic—and the subsequent response by the United States’ government—brought about the
worst economic crisis since the Great Depression, leaving millions of people across the country
at risk of eviction (Gopinth, 2020). With no significant relief in sight, some 40 million American
renters may lose their homes by early 2021 (Benfer et al., 2020) while foreclosures are already
on the rise in urban areas (Centopani, 2020).
The parallel rises in housing costs and housing insecurity in the U.S. have potentially dire
consequences for population health. America is in the middle of “the worst affordable housing
crisis in several generations,” (Desmond & Kimbro, 2015, p. 295). The majority of low income,
renting families in the US reported spending over 50% of their income on housing costs
(Desmond, 2015). As housing consume a greater portion of household budgets, poor families are
left with fewer economic resources for food, school supplies, medical care, transportation, and
other necessities (McConnell, 2012; Newman & Holupka, 2015). The shortage of affordable
housing, especially in urban areas, also means that low income families disproportionately live in
substandard housing, thereby increasing their risk for a number of adverse health outcomes
(Bashir, 2002; Krieger & Higgins, 2002; M. Shaw, 2004). Focusing explicitly on eviction, the
overwhelming nature of being forcibly removed from one’s home makes eviction a particularly
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salient stressor in the lives of a growing number of American households. Given that eviction
exposes households and individuals to a host of psychosocial, socioeconomic, and physical risks,
eviction represents a growing threat to population health in the US.
Despite the initiation of recent investigations into the scope of eviction in the US
(Desmond, 2015; Desmond et al., 2018; Desmond & Kimbro, 2015; Thomas et al., 2019),
eviction remains relatively poorly documented, and its links to health remain to be better
understood. Current data from Princeton’s Eviction Lab indicates that there was one eviction for
every 17 renter households between 2000 and 2016, with almost a million evictions occurring
each year (Desmond et al., 2018). When foreclosures are included in eviction estimates, the
number of households affected doubles to nearly 2 million, despite the fact that foreclosure rates
have been declining to reach near pre-Great Recession rates (ibid). In many ways, the recent
aggregation of eviction data has shed light on the scale of the problem of housing insecurity and
highlighted just how little is known about population patterns and consequences of forced
housing loss. In particular, though millions of America families face eviction each year, the
health impacts of eviction remain poorly understood, with research in this area providing
somewhat inconsistent findings (see Vásquez-Vera et al., 2017 for review). To date, research on
the health effects of eviction has been largely limited to singular, cross-sectional outcomes and
analytic strategies that raise concerns about reverse causality, confounding, and selection bias.
Still, given documented links between housing insecurity and health (ibid), it is likely that the
stress, instability, and physical, psychosocial, and environmental exposures associated with
eviction likely pose a tremendous threat to population health.
Using nationally-representative, longitudinal data from the National Longitudinal Study
of Adolescent to Adult Health, the present study uses a combination of prospective multivariate
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regression models, individual fixed effects models, causal mediation techniques, and treatment
weighting procedures to comprehensively assess whether and how evictions relate to health
across early adulthood. By linking changes in eviction status to changes in health, this study
provides convincing evidence of the role of evictions in population health inequality. We further
elucidate the important role of psychosocial stress as a mediator linking evictions to health. In
this way, this study provides new knowledge of the specific role of evictions in the production of
health disparities early in the adult life course and informs policy efforts aimed at improving
housing security as a means to protect and promote public health.

2. Background
2.1. Housing Insecurity, Housing Loss, Risk, and Mental Health
A large body of research demonstrates a general link between housing instability and
mental health. Measures of housing instability, sometimes referred to as housing insecurity, have
included missed rent or mortgage payments, being anywhere in the eviction or foreclosure
process, housing mobility, housing tenure, overcrowding, perception of adequate housing,
physical housing condition, and location in high foreclosure/eviction areas (see Vasquez-Vera et
al. 2016 for review linking various forms of housing instability to different health outcomes).
The range of mental health outcomes studied in relationship to housing instability has been
similarly expansive. Studies have shown a positive association between some form of housing
instability and depression (Alley et al., 2011; Bernal-Solano et al., 2019; Burgard et al., 2012;
Cagney et al., 2014; Desmond & Kimbro, 2015; Kingsbury et al., 2018; Sadowski et al., 1999;
Suglia et al., 2011), anxiety (Bernal-Solano et al., 2019; Suglia et al., 2011), stress (BernalSolano et al., 2019; Blair et al., 2011), psychological health (Rollings et al., 2017), mental health
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score or strain (Aro & Hanninen, 1984; David J. Pevalin et al., 2017), and suicide or suicide risk
(Fowler et al., 2014; Houle & Light, 2014; Mateo-Rodríguez et al., 2019). The comparability and
quality of several of these studies were recently evaluated in a review by Singh and colleagues
(2019).
Several studies link home loss to adverse mental health outcomes. The experience of
foreclosure has been associated with depression (Bernal-Solano et al., 2019; Cagney et al.,
2014), poorer mental health indicators (McLaughlin et al., 2012; D. J. Pevalin, 2009; RoblesOrtega et al., 2017), and increased risk of suicide (Cook & Davis, 2012; Fowler et al., 2014;
Mateo-Rodríguez et al., 2019). Other studies have used census track or county data and have
found positive correlations between foreclosure rates and suicides (Houle & Light, 2014).
Additional research suggests that the experience of foreclosure itself may have a greater impact
on mental health and stress than being behind on payments or in default (Prohaska &
Lichtenstein, 2014). Desmond and Kimbro (2015) reported an association between the
experience of eviction and depression among renters while Fowler et al., (2014) included both
evictions and foreclosures in their study linking home loss to suicide risk.

2.2. Housing Insecurity, Housing Loss, Risk, and Physical Health
In addition to mental health, housing insecurity and loss has been linked to indicators of
general and physical health. Studies have found associations between some form of housing
insecurity and health behaviors such as alcohol use (Arcaya et al., 2013; Bernal-Solano et al.,
2019; Burgard et al., 2012; Murphy et al., 2014), initiation of drug use (Damon et al., 2019), and
high-risk behaviors, such as syringe sharing, among individuals who use drugs (Pilarinos et al.,
2017). Housing instability has been linked to poorer self- reported health (Burgard et al., 2012;

6

Martin et al., 2019; Schootman et al., 2012), elevated blood pressure and weight gain (Arcaya et
al., 2013; Arcaya, 2017), reduced diabetes self-efficacy (Vijayaraghavan et al., 2011), greater
presence of chronic medical conditions (Martin et al., 2019), and higher all-cause and
cardiovascular-related mortality rates (Chan et al., 2014). Studies have also shown links between
housing instability and negative health outcomes among children, including increased risk of
physical abuse and subsequent hospitalization (Wood et al., 2012); poorer diet (Bottino et al.,
2019); and elevated cortisol levels (Blair et al., 2011). Finally, the consideration of the role of
substandard housing as a feature of housing instability has generated an immense body of
literature on the health effects of exposures common in substandard housing, such as lead
(Jacobs, 2011), asthma triggers (Jacobs, 2011; Miles & Jacobs, 2008), and asbestos (Krieger &
Higgins, 2002; Marquez et al., 2019).
Like studies of mental health risk, studies examining the links between eviction
(including rent-based and foreclosure) and physical health generally support the idea of forced
housing loss as a unique stressor that affects physical health and physiological functioning.
Using Census track data, studies have linked increased rates of eviction with rates of sexually
transmitted infections (Niccolai et al., 2019) and infant mortality and low birthweight
(Hazekamp et al., 2020). Using longitudinal data from the Fragile Families and Child Wellbeing
Study, Leifheit et al. (2020) identified a relationship between eviction and food insecurity that
was not due to neighborhood effects. Other studies have shown that among people with HIV, the
experience of eviction can lead to increased viral load (Kennedy et al., 2017). While
representing a distinct experience from eviction, a recent study in Spain found that people in the
latter part of the foreclosure process reported increases in sleep disturbances, worsening of
previous chronic conditions, and an increase in the consumption of medications (Bernal-Solano
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et al., 2019). This study is suggestive of the potential physical impacts that may also be
experienced by families exposed to eviction.

2.3 Eviction from a Life Course Perspective
The life course perspective (Marshall et al., 2009) offers important insights for the study
of eviction. In particular, this study draws on two key concepts from the life course perspective.
First, the life course perspective emphasizes the importance of turning points, which are events
or circumstances that alter or redirect life course trajectories or pathways. In this study, we
conceptualize eviction as particularly salient turning points in the life span that can
fundamentally alter future trajectories of physical, mental, social, emotional, and economic wellbeing in ways that relate to health. Second, the life course perspective also highlights the
importance of the life course timing of social exposures, considering how life stages may
produce differential risks of and vulnerabilities to exposures in ways that are consequential for
health (McDonald, 2011). Research increasingly highlights emerging adulthood as a critical or
sensitive period in the life course, during which social exposures like evictions may have
especially lasting or consequential impacts on life course trajectories of health and well-being
(Wood et al., 2018). Much of the research on the health effects of eviction has focused on middle
age and older adults, families, and children. This focus is partly due to the extensive study of
foreclosures following the 2008 financial crisis. Foreclosure studies typically include families
with children and older adults because young adults are much less likely to have taken on
mortgages (Hirschl & Rank, 2010). Still, less is known about how housing loss shapes wellbeing in the emerging and young adulthood periods, when many young people experience
financial instability as they transition to increased independence. Furthermore, studies indicate
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emergent adulthood as the peak of residential change (Arnett, 2006), making it a period when
people may be particularly vulnerable to housing instability and eviction. It is therefore possible
that housing loss during this life stage may have particularly salient impacts on young people’s
future trajectories of health and well-being, critically and potentially irreversibly altering their
physical, mental, and financial well-being.

2.4. Potential Pathways Between Eviction and Health
Synthesizing the literatures on housing instability, eviction, and health, we identify three
primary pathways through which eviction can affect health (see Figure 1). The bolded pathway
represents the pathway examined in this analysis while the grayed pathways represent other
potential pathways for examination in the study of eviction and health outcomes. The first
pathway, which is the focus of the current study, is through psychosocial stress. The second
pathway is through increased environmental exposures which often result from substandard
housing. The final pathway is through increased disease exposure, an increasingly relevant issue
as we continue to battle the COVID-19 pandemic. We briefly review each of these potential
pathways here.
[Figure 1 about here]
First, eviction can act through the stress pathway, increasing the experience of
psychosocial stress. Stress over the threat or loss of housing can lead to increased rumination,
hopelessness, anxiety, depression, and risk of suicide (Desmond, 2015; Desmond & Kimbro,
2015; Fowler et al., 2014). This stress can be compounded by the experience of social stigma
associated with eviction and housing loss (Desmond, 2012; Grainger, 2020). Researchers have
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shown that various forms of stigma can have significant mental health effects (Brewis, 2014;
Hatzenbuehler et al., 2013; Hatzenbuehler & Pachankis, 2016; Mak et al., 2007). In addition to
mental health impacts, psychosocial stressors also have biological impacts that alter physical
health, including reduced sleep quality, hormonal changes associated with chronic hypothalamicadrenal-pituitary (HPA) axis activation, and reduced immune function. Additionally, declining
mental health and increasing depression can lead to the adoption of coping behaviors that may
also put physiological health at risk such as increased substance use.
The second pathway through which eviction relates to health is environmental exposures.
Being evicted increases an individual’s likelihood of being exposed to substandard housing or
becoming homeless (Desmond, 2012). As previously mentioned, substandard housing brings
with it an increased risk of exposure to dangerous and toxic substances including lead, asthma
irritants, and asbestos. Additionally, substandard housing may lack the appropriate mitigation for
other potential environmental pollutants that can have negative effects on health. These potential
exposures may interact synergistically with the biological impacts of chronic stress associated
with eviction leading to more severe negative outcomes. For example, research has shown that
nutritional inadequacies such as low calcium, irregular food intake, and iron deficiency can
increase the absorption of lead (Hubbs-Tait et al., 2005; Kwong et al., 2004; Levander O A,
1979; Mahaffey, 1995).
Finally, eviction can directly increase one’s exposure to infectious disease risks. Upon
experiencing eviction, individuals and families may seek shelter in crowded, unsafe situations.
This can include homeless shelters, doubling up (moving in with friends or family), or seeking
alternative accommodations in one’s vehicle or on the street. Any of these options can lead to
increased exposure to those infectious diseases that continue to disproportionately affect
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homeless populations such as HIV, Hepatitis B, Hepatitis C, and tuberculosis (Badiaga et al.,
2008). In addition to direct exposure, risk of diseases contact can be increased by the adoption of
coping behaviors and survival strategies such as engaging in sex work to cover housing costs.
Finally, disease susceptibility may also be increased as a result of stress-related immune
suppression that may make increased exposures even more likely to result in disease. While
these pathways are likely to represent just some of the ways that eviction can impact health
outcomes, we believe that they represent those that are most easily studied and intervened upon.
We acknowledge the directionality and interactional relationships between the elements of this
model are likely to be far more complex than depicted here. However, for the ease of legibility
we have limited our depictions of these connections and encourage other scholars to build upon
this basic model to highlight new pathways and interactions in the study of eviction and health
outcomes.

2.3. Gaps in the Literature
Despite growing interest on the relationship between eviction and health, research has on
the health impacts of eviction has produced somewhat inconsistent results, leaving four critical
questions about the role of eviction in population health inequality unanswered. First, most
studies of the health effects of eviction primarily utilize cross-sectional study designs, which
raises concerns about reverse causality, confounding, and selection. For one, individuals who are
less healthy may have a greater likelihood of experiencing economic shocks such as eviction
(McDonough and Amick 2001). Similarly, with omitted variable bias, confounding factors not
included in analytic models may put individuals at risk for both declines in health and economic
security (Burgard et al. 2007). Even models with extensive adjustment for factors endogenous to
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health and housing insecurity may not provide convincing evidence of a relationship between
eviction and health, as many of the same measured and unmeasured factors that increase risk for
eviction—such early-life socioeconomic hardship—are also drivers of health. In this way, the
concern is that any observed relationship between evictions and health may reflect underlying
differences between those who were never evicted and those who experience eviction, rather the
consequences of housing loss. For these reasons, research using treatment weighting procedures
can help in obtaining more convincing estimates of the health consequences of eviction. Further,
while cross-sectional analyses are particularly prone to issues related to selection and omitted
variable bias, intra-individual examinations of how changes in eviction history correspond to
subsequent changes in health provide more convincing evidence of the impact of eviction on
health. The use of longitudinal individual first difference models are particularly well suited for
modeling change in economic outcomes (like eviction) and health over time while controlling for
stable individual characteristics (Burgard et al. 2013).
Second, a number of investigations rely on proxy measures for eviction, such as other
measures of housing instability, or measures of eviction risk rather than the directly testing the
impact of housing loss on health. While several of these studies demonstrate the potential impact
of eviction on health, it is reasonable to expect that the experience of eviction may present
different or more extreme pressures than other forms of housing instability that result in differing
and potentially stronger health impacts. As such, additional studies examining the experience of
eviction and its effects on health are necessary.
Third, it is increasingly necessary that researchers elucidate the mechanisms underlying
the relationship between eviction and health. Many of these mechanisms have remained unclear,
in part because they vary across different markers of health. The lack of clear mechanisms is
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perhaps one of the reasons for the emphasis on examining mental health as an outcome of
eviction, as the mechanistic pathways whereby evictions can lead to increased psychosocial
stress and negative ideation and subsequently anxiety, depression, and suicide appears clearer
than the pathway through which eviction can lead to, for example, heart disease. However,
research examining the long-term impacts of what has been called allostatic load (McEwen,
1998), or the increased physiological burden resulting from chronic and cumulative stress, is
shedding new light on potential pathways connecting eviction and a range of poor health
outcomes and risk factors (e.g. Blair et al., 2011). Psychosocial stress represents just one
potential pathway through which eviction may affect health and as such, the examination of a
broader range of health outcomes is likely to enhance our understanding of the extent of these
effects and our ability to formulate potential solutions.
Finally, additional research is needed to elucidate the effects of eviction across different
points of the life course. As previously noted, much of the research on housing loss has focused
on older adults and families with children. Less research focuses on the effects of eviction during
emerging and young adulthood. As described, scholarship increasingly points to emerging
adulthood as a unique period of life course development (Arnett, 2000, 2006; Nelson, 2020).
transition to financial dependence to independence and begin to forge their own economic paths.
Emerging adulthood has been described as a period of high optimism, when young people have
“an unparalleled opportunity to change transform their lives,” (Arnett, 2006, p. 7). As such, a
significant negative event during this period, such as an eviction, may dramatically alter the
social, psychological, and economic trajectory of individuals
Using nationally-representative, longitudinal data, our study uses a combination of
prospective regression models, inverse probability of treatment weights, individual fixed effects
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models, and causal mediation techniques to fill these gaps in the literature and advance scientific
understanding of the role of eviction in patterning population health among young adults. In
particular, we assess how eviction shapes markers of mental and general health status and further
examine the mediating role of psychosocial stress in linking eviction to health during emergent
and early adulthood. As such, findings from this study shed new light on the role of housing
policy in shaping population health, particularly early in the adult life course.

3. Data and Methods
3.1 Data and Samples
This study uses data from the National Longitudinal Study of Adolescent to Adult Health
(Add Health) (1994-2009), a nationally representative, longitudinal study of U.S. adolescents
(Harris et al. 2009). Add Health began in 1994-5 with in-school questionnaires and in-home
interviews at Wave I, relying on a school-based complex cluster sampling frame. Add Health
then followed up with respondents through a series of in-home interviews in 1996 (Wave II),
2001-02 (Wave III), and 2007-08 (Wave IV). This study utilizes data from the in-home
interviews at Waves I, III, and IV and Census tract-level data linked to respondents’ residences
at Wave I, III, and IV.
Our analytic samples vary by outcome and analytic strategy. Generalized linear models
(including inverse probability of treatment weighted models) include all respondents with
complete data used in the analyses (depressive risk and self-rated health: n=5,934) estimates
from the longitudinal first difference models are derived from respondents with complete data on
the variables used in the analyses who experienced change in the outcomes across waves
(depressive risk: n=9,029; self-rated health: n=897).
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3.2 Key Exposures
The key exposure of interest in this study is eviction. In Waves III and IV, Add Health
asked respondents if they had been evicted from their house or apartment for not paying rent or
mortgage in the past 12 months. Supplementary analyses revealed that the overwhelming
majority (more than 90 percent) of individuals who reported experiencing eviction were renters,
not homeowners, suggesting that they experienced eviction from a landlord, rather than eviction
following foreclosure. Our study includes both a binary measure of ever evicted (where “1”
indicates that the respondent reported being evicted in Wave III and/or Wave IV), as well as
time-varying measures of recent eviction (1=evicted in the past 12 months) at Waves III and IV.

3.3 Outcomes
Outcomes include two longitudinal measures of health, measured at Waves III and IV.
First, depressive symptoms is a continuous measure indicating respondents’ score on the Center
for Epidemiological Studies Depression (CES-D) scale. Consistent with previous research
(Anonymous et al., 2020), we used nine items that were consistently-measured across waves that
asked respondents how often during the past week they: were bothered by things that didn’t
usually bother them; felt they could not shake the blues; were just as good as other people
(reverse coded); had trouble keeping their mind on what they were doing; felt depressed; were
too tired to do things; enjoyed life (reverse coded); felt sad; and felt that people disliked them. In
addition to being a critical marker of mental health risk, increases in depressive symptoms have
been further associated with increases in physical health risk (Kiecolt-Glaser & Glaser, 2002;
Penninx, 1998). Depressive states can both stimulate the production of physiological stress
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response hormones and down-regulate immune response, putting individuals with high levels of
depressive symptoms at increased risk of disease risk and prone to prolonged infection and
delayed wound healing (Kiecolt-Glaser & Glaser, 2002). Second, we include a measure of selfrated health, which is derived from a question asking respondents to rate their health as excellent,
very good, good, fair, or poor. This variable is coded so that 1 represents poor health and 5
represents excellent health. Supplementary analyses using alternative operationalizations of the
self-rated health measure (including a binary measure indicating poor/fair health) yielded
substantively similar results. Self-rated health is strongly and consistently associated with a
variety of health outcomes, including markers of morbidity, biomarkers of physiological
function, and mortality (Idler & Benyamini, 1997; Jylhä, 2009; Jylhä et al., 2006; McDonough &
Amick, 2001). Importantly, unlike indicators of disease, disability, or mortality that are more
prevalent among older age populations, depressive symptoms and self-rated health reflect
continuous changes in well-being over time, making them particularly useful for estimating
health trajectories among younger populations (Deaton & Paxson, 1998; B. A. Shaw & Krause,
2002). We also use these health outcomes to reduce concerns related to misclassification error,
where individuals who do not yet have a disease, have not yet been diagnosed, or who are
otherwise unaware of their health risk are classified as “well” (Aneshensel et al. 1991).
Misclassification error is of particular concern in studies of young adults, many of whom may be
at risk of developing disease but either do not yet have an official disease diagnosis or have not
received an accurate one (Nguyen et al. 2011).

3.4 Covariates
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Our models also include a host of individual-, family-, and neighborhood-level
covariates, including race-ethnicity (1=non-Hispanic White, 2=non-Hispanic Black, 3=Hispanic,
4=non-Hispanic Asian), age (years), gender (1=female), and individual, family, and
neighborhood SES. Our measure of SES in adolescence (Waves I) is the mean of standardized
measures of parental education and household income. Our measure of socioeconomic
attainment at Waves III and IV is the mean of standardized (z-score) measures of respondent
completed education and household income. We also include measures of marital status
(1=married) at Waves III and IV. In order to better estimate the role of eviction in shaping health
risk, we include several measures of residential moves. In the prospective regression and
treatment weighting models, we include an indicator for total number of residential moves
between Waves I and III. Our longitudinal models include measures indicating whether
respondents moved prior to the Wave III and Wave IV interviews. We also include measures of
neighborhood economic disadvantage using a composite index of four Census tract measures of
neighborhood economic conditions: proportion of residents who are unemployed, proportion of
residents over the age of 25 years without a high school degree, proportion of families living in
poverty, and proportion of families receiving public assistance. For each individual
neighborhood measure, we created a dummy variable indicating the top quartile of all Census
tracts and then summed the four dummy measures, producing an index of neighborhood
economic deprivation ranging from 0 (low) to 4 (high). Finally, we include a measure of
perceived social stress, indicated by a continuous measure using a subset of measures from
Cohen’s Perceived Stress Scale (range 0-16) (Cohen et al., 1983). The items included in the
subscale assessed perceived stress in the past two weeks by asking respondents how often
respondents: felt unable to control important things in their life; felt confident about their ability
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to handle personal problems; felt that things were going their way; felt difficulties were piling so
high that they could not overcome them. Responses for each of the four individual items were
summed, producing total scores ranging from 0 to 16. The measure of perceived social stress was
available at Wave IV only.
We ran supplementary models that further adjusted for a variety of additional indicators
of family structure and housing instability, including measures of: ever homeless; ever lived in a
shelter; ever lived in a group home; ever ran away from home; and total number of individuals
who lived with the respondent at Waves I, III, and IV. These indicators were not associated with
the outcomes, and including these measures in our models did not change the parameter
estimates for eviction. For these reasons, we excluded these measures from the final models
presented in the paper.

3.5 Analytic Methods
We begin with descriptive analyses, paying particular attention to disparities in the
outcomes and covariates between those who report ever having been evicted and those who did
not report being evicted.
Our multivariable analysis of the links between eviction and the outcomes includes three
analytic stages, which together provide a robust assessment of the role of eviction in health
disparities in early adulthood. First, we examine the association between eviction history
(measured using the binary measure indicating whether the respondent reported ever being
evicted) and the outcomes measured at Wave IV using generalized linear models (negative
binomial for depressive symptoms and ordinal logit for self-rated health). This first set of models
regresses the outcomes on eviction history in a stepwise fashion and provides a baseline estimate
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of the associations between eviction and the outcomes. Model 1 is a basic adjusted model that
includes eviction history, gender, race-ethnicity, and age. Model 2 builds on Model 1 by
including the measures of individual and family SES at Waves I, III, and IV, marital status at
Waves III and IV, and number of residential moves between Waves I and III. Model 3 builds on
Model 2 by including the measures of neighborhood economic disadvantage at Waves I, III, and
IV. Model 4 builds on Model 3 and includes the marker of perceived social stress at Wave IV.
Finally, Model 5 is the fully adjusted model that builds on Model 4 by including a lagged
dependent variable (a marker of depressive symptoms at Wave III in the depressive symptoms
model and self-rated health at Wave III in the self-rated health model). By including a lagged
dependent variable, Model 5 indicates how eviction history relates to the outcomes at Wave IV
net of the covariates and controlling for health status at Wave III. Model 5 takes the following
generic form, where Xi represents a vector of covariates and β3 yit−1 is the lagged dependent
variable:

yi1 = α1 + β1 Ever Evictedi + β2 Xi + β3 yit−1 + εi (Equation 1)
As described, we are particularly interested in the mechanisms linking eviction to the
outcomes. In particular, we formally assess whether perceived stress mediates the association
between eviction history and the outcomes using parametric regression models for causal
mediation analysis (Emsley & Liu, 2013; Valeri & VanderWeele, 2013). This mediation
technique requires estimating two models: a model for the mediator conditional on treatment and
covariates and a model for the outcome conditional on treatment and covariates. The mediation
analyses determine the proportion of the total effect of eviction history on the outcomes that is
mediated by perceived social stress. Because our measure of perceived social stress is measured
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only at Wave IV, these mediation models assesses the links between eviction history, perceived
social stress at Wave IV, and the outcomes measured at Wave IV. The mediation models include
the full set of covariates included in Model 5 above. Because of data limitations, we are unable
to test the mechanistic effects of environmental exposures or infectious disease susceptibility and
instead focus our mediation analyses on the role of psychosocial stress.
In the second analytic stage, we build on these prospective regressing models by using
inverse probability of treatment weighting (IPTW) with regression adjustment. As described,
concerns about selection bias and confounding are widespread in studies of eviction and health.
Even models with extensive adjustment for factors endogenous to eviction and health may not
provide convincing estimates, as many of the factors that increase individual risk for eviction—
such early-life SES and neighborhood conditions—also shape health risk. Eviction is not
randomized in the population, so any observed relationship between eviction and health may
reflect underlying differences between those with varied eviction histories, rather than reflecting
health consequences of eviction (Thoemmes & Ong, 2016). We use IPTW with regression
adjustment to better account for potential confounding and selection. This method involves
calculating a propensity score for respondents, which is the probability of eviction conditional on
a set of covariates (Rosenbaum & Rubin, 1983). IPTW then uses the propensity scores to weight
observations and create a new pseudo-population where the likelihood of eviction is no longer
confounded by the covariates. IPTW balances the treatment assignment across the covariates by
giving more or less weight to respondents with covariate histories that are under- or overrepresented in the exposure groups (Robins et al., 2000). In addition to IPTW, we use a
regression adjustment estimator in these models. This strategy combines IPTW with regression
modeling of the relationship between the covariates and outcomes. Importantly, these models
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have the property of being doubly robust, so as long as either the model for the treatment or the
outcome is correctly specified, the estimate for eviction will be unbiased. Using the IPTWs with
regression adjustment, we model the “treatment” (e.g., probability of eviction) using logistic
regression and include measures of respondent race-ethnicity, gender, and age; family SES at
Wave I; total number of residential moves between Waves I and III; and the measure of
neighborhood socioeconomic conditions at Wave I. We model the outcomes using generalized
linear models and include the same set of covariates included in Model 4 of the prospective
regression models described above: race-ethnicity; gender; age; SES at Waves I, III, and IV;
marital status at Waves III and IV; total number of residential moves between Waves I and III;
neighborhood socioeconomic conditions at Waves I, III, and IV; and the measure of perceived
social stress. Using this approach, we are able to estimate the prospective associations between
our measure of eviction and the outcomes while explicitly modeling and adjusting for the uneven
risks of eviction in the sample using treatment weighting procedures.
Still, while these prospective multivariable analyses provide a robust assessment of
potential links between eviction and health, longitudinal analyses may be better equipped to deal
with potential problems related to selection and confounding than cross sectional models. For
this reason, in the third stage of analysis we use multivariable first difference models, which are
equivalent to fixed effects models for two-wave panel data. In these models, changes in the
outcomes between Waves III and IV are modeled as a function of change in the independent
variables, including eviction. Time-invariant predictors, such as gender and race, are
“differenced away” and omitted from model estimates, which provides a solution to the problem
of unmeasured heterogeneity and omitted variable bias (Allison, 1990, 1994; Gunasekara et al.,
2014). We can specify the first difference models as:
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yi1 = α1 + β1 Evictioni1 + β2 Xi1 + β3 Zi + εi1 (Equation 2)

yi2 = α2 + β1 Evictioni2 + β2 Xi2 + β3 Zi + εi2 (Equation 3)

In Equations 2 and 3, Evictioni1 and Evictioni2 represent eviction status at time 1 (Wave III) and
time 2 (Wave IV), respectively. Xi1 and Xi2 represent vectors of time-varying covariates

measured at times 1 and 2, and Zi represents vectors of time-constant variables, both measured

and unmeasured. The difference equation is specified by subtracting Equation 2 from Equation 3:
(yi2 − yi1 ) = (α2 − α1 ) + β1 (Evictioni2 − Evictioni1 ) + β2 (Xi2 − Xi1 ) + (εi2 − εi1 )
(Equation 4)

In Equation 4, the vector of Z variables is differenced out of the first difference model on the

assumption that the effects of Z are time-constant. Hausman tests indicated that the preferred
model is the first difference model, rather than a random effects model (p<0.001).

We run models for depressive symptoms and self-rated health separately in a stepwise
fashion. For each outcome, Model 1 models the change in outcomes as a function of changes in
eviction status and age. Models 2 and 3 build on Model 1 by adjusting for changes in SES and
neighborhood economic deprivation, respectively. Finally, Model 4 builds on Model 3 by
adjusting for changes in residence (e.g., residential moves) between waves. As explained,
because race and gender are time-constant measures, they are excluded from the first difference
models.
In supplementary analyses, we tested for potential moderation by in the associations
between eviction and the outcomes by race, SES, gender, and household size in both the
prospective and longitudinal models but found no evidence of moderation.

4. Results
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4.1 Descriptive Results
Descriptive statistics for the full sample and by eviction history are in Table 1. Overall,
roughly 1.6 percent of young adults report experiencing eviction at Waves III and/or IV.
Compared to individuals who do not report eviction, those who report experiencing eviction have
higher levels of depressive symptoms at Waves III and IV and had worse self-rated health in
Wave IV. There are also striking racial and socioeconomic disparities in eviction history. Black
young adults have particularly high levels of eviction; while Black young people comprised
approximately 12 percent of the full sample, they represented approximately 23 percent of those
who reported being evicted in Waves III and/or IV. Young adults with lower SES at Waves III
and IV are more likely to report eviction (p<0.001), as are young people who lived in
economically disadvantaged neighborhoods in adolescence (p<0.001) and young adulthood
(p=0.003). Compared to young people who did not report eviction, individuals who report
experiencing eviction have higher levels of perceived social stress at Wave IV (p<0.001).
[Table 1 about here]

4.2 Depressive Symptoms
Results of the negative binomial models regressing depressive symptoms at Wave IV on
eviction history and the covariates are in Table 2. Results from Model 1, the basic adjusted
model, show a positive association between eviction history and depressive risk (β=0.565,
p<0.001), where individuals who report experiencing eviction at Waves III and/or IV have more
depressive symptoms than those who did not report eviction. Model 2 builds on Model 1 by
further adjusting for SES at Waves I, III, and IV, marital status at Waves III and IV, and number
of residential moves between Waves I and III. Adjusting for these factors attenuates, but does not
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eliminate, the magnitude of the coefficient estimate for eviction in Model 2 over Model 1. Model
3 builds on Model 2 by including measures of neighborhood economic disadvantage, which does
little to change the estimate for eviction over Model 2. Model 4 further adjusts for perceived
social stress, which is strongly associated with depressive symptoms (β=0.158, p<0.001).
Adjusting for perceived social stress in Model 4 attenuates the coefficient estimate for eviction
over Model 3, providing suggestive evidence that perceived stress may mediate the association
between eviction and depressive risk. Finally, Model 5 is the fully adjusted model that also
includes a measure of depressive symptoms from Wave III. Results from Model 5 show that
eviction history is associated with higher levels of depressive symptoms at Wave IV, net of
baseline depressive symptoms at Wave III.
[Table 2 about here]
Results from Model 4 of Table 2 suggested that perceived social stress may mediate the
link between eviction and depressive symptoms. As described, to formally test this, we used
parametric regression models for causal mediation analysis (Emsley & Liu, 2013; Valeri &
VanderWeele, 2013). Results from the mediation analyses showed a highly statistically
significant indirect effect of perceived social stress, with approximately 17.48 percent of the total
effect of eviction history on depressive risk operating indirectly through perceived stress
(p<0.001).
In the next stage of multivariable analyses, we used a similar prospective regression
design to model the association between eviction history and the outcomes at Wave IV, but this
time use inverse probability of treatment weighting with regression adjustment to better account
for potential selection and confounding in the association between eviction and depressive risk.
This method involves calculating propensity scores for respondents, which indicate the
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probability of eviction conditional on a set of covariates: race-ethnicity, gender, age, family SES
at Wave I, total number of residential moves between Waves I and III, and neighborhood
socioeconomic conditions at Wave I. Then, the propensity scores are used to weight observations
and create a new pseudo-population where the likelihood of eviction was no longer confounded
by the covariates. We also used a regression adjustment estimator to model depressive symptoms
using negative binomial regression adjusting for: race-ethnicity; gender; age; SES at Waves I,
III, and IV; marital status at Waves III and IV; total number of residential moves between Waves
I and III; neighborhood socioeconomic conditions at Waves I, III, and IV; and perceived social
stress. Analyses revealed that the covariates predicting eviction were balanced after
implementing the IPTW model, indicating that the implementation of the IPTWs balanced
covariate histories across the “evicted” and “never evicted” groups as intended. Using IPTW
with regression adjustment, we documented a strong association between eviction history and
depressive symptoms at Wave IV. We summarize results from the IPTW model in Figure 2,
which shows the predicted number of depressive symptoms among respondents who were never
evicted and those who reported eviction at Waves III and/or IV using estimates from the IPTW
model. Compared to those who were never evicted, respondents reporting recent eviction had
greater depressive risk (β=0.914, p=0.003).
[Figure 2 about here]
Finally, Table 3 provides results of the longitudinal first difference models where we
modeled change in depressive risk from Wave III to IV as a function of change in eviction status
and the covariates. Model 1 of Table 3 shows a strong, positive association between changes in
eviction and changes in depressive risk (β=0.139, p<0.021), such that those who experienced
eviction between Waves III and IV saw increases in depressive symptoms. Model 2 further
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adjusts for changes in socioeconomic status and marital status across waves, which are not
associated with changes in depressive risk. Finally, Models 3 and 4 include changes in
neighborhood conditions and changes in residence (e.g., residential moves), respectively, which
are not associated with changes in depressive symptoms. The parameter estimate for eviction in
Model 4 of Table 3, which is the fully adjusted model, indicates a positive association between
changes in eviction and changes in depressive symptoms that is largely consistent with estimates
across Models 1-4.
[Table 3 about here]

4.3 Self-Rated Health
Table 4 includes results of the ordinal logistic regression models for the self-rated health
outcome. Consistent with the depressive risk models, results from Model 1 of Table 4 reveal a
positive association between eviction history and poor/fair self-rated health (β=-1.138, p<0.001),
with individuals who reported eviction having worse self-rated health compared to those who did
not report eviction. In Model 2, we adjust for SES across waves, marital status, and residential
moves from adolescence though emerging adulthood. In Model 2, SES at Waves I and IV is
strongly associated with self-rated health. Including the measures of SES and family context
attenuates but does not eliminate the association between eviction and self-rated health. Model 3
adjusts for neighborhood economic conditions at Waves I, III, and IV, which are not associated
with self-rated health net of the other covariates. Model 4 adjusts for perceived social stress,
which is strongly associated with depressive symptoms (β=-0.136, p<0.001). Adjusting for
perceived social stress in Model 4 fully attenuates the coefficient estimate for eviction. Finally,
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Model 5 is the fully adjusted model that also includes a measure of self-rated health from Wave
III. The coefficient estimate for eviction remains statistically insignificant in Model 5.
[Table 4 about here]
Results from Model 4 of Table 4 provided suggestive evidence that perceived stress may
mediate the association between eviction and self-rated health, and we again used parametric
regression models for causal mediation analysis to formally test for mediation. However, in
models testing for potential mediation, the estimate of the direct effect of eviction was not
statistically significant, so the mediation test failed to achieve statistical significance. Similarly,
estimates from the IPTW models also revealed no statistically significant (p<0.05) association
between eviction and self-rated health, so results are excluded from the final paper. The
parameter estimate for eviction in the longitudinal first difference models of self-rated health
were also not statistically significant and thus excluded from final results.

5. Discussion
Despite an increase in studies on housing insecurity and health in recent years, studies on
the specific health risks associated with eviction are limited, leaving critical gaps in our
understanding of the role of eviction in shaping population health unanswered. Of the few
studies assessing the health effects of eviction, most rely on cross-sectional data or aggregate
population data, which restricts understanding of how the experience of eviction shapes intraindividual trajectories of health over time. Using nationally-representative, longitudinal data, the
current study builds on previous research on the links between housing insecurity and health to
provide new evidence of whether and how eviction patterns population health risk over time,
with particular focus on stress-related pathways linking eviction to health.
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5.1 Support for the Study of Eviction as a Unique Stressor
This study provides strong evidence that eviction represents a unique and significant
stressor that must be accounted for in studies of health and wellbeing, particularly among low
income, urban, and racially marginalized populations. Across a variety of analytic techniques—
including prospective lagged dependent variable models, inverse probability of treatment
weighted regression models, and longitudinal fixed effects models—we consistently documented
significant, positive associations between eviction and changes in depressive risk, in particular.
Results from the regression models in Tables 2 and 4 showed prospective associations between
eviction history and the outcomes, net of factors like individual and family SES, other markers of
residential instability, and neighborhood economic conditions. The estimate of prospective
association between eviction and depressive risk was robust to alternative modeling strategies,
including inverse probability of treatment weighting. In Table 3, results from the longitudinal
first difference models for depressive risk showed that individuals who experienced eviction
between survey waves saw increases in depressive symptoms over time. The longitudinal
associations between changes in eviction and changes in depressive risk persisted after adjusting
for other markers of household and neighborhood socioeconomic conditions as well as additional
measures of housing and financial insecurity, which suggests that eviction serves as a particular
salient health risk among young adults. By using longitudinal data, prospective regression
models, treatment weighting procedures, and fixed effects models, our study advances this
literature by using longitudinal data on individuals to reveal how changes in eviction experiences
over time shape trajectories of health risk in emerging adulthood.
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In addition to examining the prospective and longitudinal links between eviction and
health risk, this study also assessed the mechanisms linking eviction to health, paying particular
attention to the role of psychosocial stress. Results from Model 4 of Tables 2 and 4 provided
suggestive evidence that stress may mediate the associations between eviction and depressive
symptoms and self-rated health. To formally test this, we used causal mediation analysis (Emsley
& Liu, 2013; Valeri & VanderWeele, 2013) to determine the proportion of the total effect of
eviction history on the outcomes that is mediated by perceived social stress. Results from these
models revealed strong indirect effects of psychosocial stress on depressive risk, in particular,
with a sizable proportion (nearly one-fifth) of the total effect of eviction on depressive risk
operating through perceived social stress. These results provided support for the notion that
eviction is a salient stressor in the lives of young adults. Evictions were associated with increases
in perceived social stress among young people, with important consequences for health risk.
Previous research shows that eviction can affect health through environmental and physical
exposures (Desmond, 2012) and by increasing exposure and vulnerability to communicable
diseases (Leifheit & Jennings, 2019; Niccolai et al., 2019) as described in Figure 1. Our results
show that stress is also an important pathway linking eviction to health. It is likely that the many
primary and secondary stressors associated with eviction—which can include the many strains
and challenges of finding and securing housing, the difficulties in navigating the many
bureaucratic and administrative burdens associated with eviction, disruptions to schooling,
employment, or social ties that result from eviction—upregulate and exhaust psychological
functioning in ways that erode health over time.
Finally, our focus on the emerging adulthood period of the life course offers an important
contribution to the literature on housing insecurity. Much of the previous work focuses on
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families with children and adults, with very few studies examining the effects eviction during the
emerging and young adulthood. Early adulthood is a particularly important time for
psychological and financial development, with social exposures during this period having lasting
implications for lifetime financial status and wellbeing (Arnett, 2000, 2006; Nelson, 2020). In
this way, experiencing a social, emotionally, and financially impactful event such as eviction
during this period may have especially important consequences for future health and well-being.
Our results indicate that stress and depression pathways represent a key mechanism through
which eviction impacts young adults which makes sense given both the primary and
aforementioned secondary stressors associated with eviction. Taken together, our results provide
new evidence of the links between eviction, stress, and health during a critical, but largely
understudied, life course stage.

5.2 Who Gets Evicted?
Importantly, estimates provided in Table 1 are consistent with previous research showing
stark social inequalities in eviction. We found that Black young people experience a
disproportionate burden of eviction when compared to their white counterparts in this study.
While Black youth made up just 12% of the sample, they accounted for nearly a quarter of the
reported evictions. These findings are consistent with recent studies from Washington (Thomas
et al., 2019) and Virginia (Teresa, 2018), which found that eviction rates were disproportionately
high among Black and Latinx populations. Another report from Milwaukee revealed that Black
women with children made up 9.6% of renters but accounted for 30% of evictions (Desmond,
2014). Taken together, findings from all of these studies suggest that eviction represents a major
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issue for Black populations, with particularly devastating consequences for Black youth and
children.
Housing insecurity and unequal access to quality housing has been a major source of
racial health and economic disparities in the United States for centuries (Bianchi et al., 1982;
Flippen, 2001; Kurtulus, 2019; Pager & Shepherd, 2008; Zenou & Boccard, 2000). Practices
such as housing segregation and redlining have long been implicated in racial inequalities in the
US (Jacoby et al., 2018; McClure et al., 2019). This study suggests that eviction not only
perpetuates racial inequality in a general sense, but may also contribute to racial health
disparities. In this way, evictions may represent a critical pathway linking structural and
institutional racism to population health inequities. Amidst growing levels of economic
inequality, stark and persistent levels of racial residential segregation, and rapid gentrification
across many urban areas in the U.S., population health scholars should continue to investigate
the role of eviction in producing racial health inequities.
Results from our study also indicate that important socioeconomic disparities exist when
it comes to eviction. Individuals with lower SES and those who lived in more economically
disadvantaged neighborhoods during adolescence and young adulthood were more likely to
report eviction. These findings are consistent with previous research that indicates that lower
SES neighborhoods exhibit higher rates of eviction (Desmond & Shollenberger, 2015). In this
way, evictions may serve as both a cause and consequence of economic insecurity and a source
of population-level socioeconomic health inequality.

5.3 Limitations of Study
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This study has several limitations that should be addressed in future research. First, we
are unable to test for longitudinal mediation of perceived stress since it was only measured once
in Wave IV. While we found cross-sectional evidence that perceived stress mediated the
prospective association between eviction and depressive symptoms, we were unable to assess
these links across time with multiple measures of perceived stress. Future research efforts should
consider examining how longitudinal changes in perceived stress may mediate or alter the
relationship between eviction and mental health outcomes. As longitudinal data on evictions,
stress, and health become available, our ability to make causal inferences will only be improved.
Another limitation of this study is the timing of the measurement of eviction. The survey only
measured eviction in the past 12 months rather than recording lifetime eviction experiences.
Future studies should aim to capture more detailed eviction histories that may reveal the impact
of multiple evictions as well as the recovery or wash out period of the effects of experiencing an
eviction. Research in this area should build on the findings here to also test for differential
vulnerability to evictions by continuing to test for moderation by race-ethnicity, gender, and
other dimensions of social context and stratification, as various social, economic, and household
conditions may make the experience of eviction more or less stressful for individuals.
While we were able to examine the relationship between eviction and mental health
outcomes as well as self-reported health, we were unable to assess how eviction related to
biomarkers of physiological functioning over time as the Add Health study only included crosssectional biomarker data at the time of this study. Given the role of perceived stress in producing
poor mental health outcomes in association with eviction, future studies of eviction would
greatly benefit from the inclusion of stress related biomarkers that can elucidate the specific
biological pathways through with the experience of eviction “gets under the skin” to impact
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health and wellbeing. Results from our self-rated health models were less robust than those
modeling depressive risk. This may reflect the lagged nature of the associations between eviction
and markers of physical health and functioning, which may take longer to manifest than mental
health impacts. The use of biomarkers can help document the initial impacts of eviction but
longitudinal collection of such biomarkers may reveal the lagged and lasting impacts of eviction.
Additionally, because of data limitations, we are unable to distinguish between the effects
of eviction within the context of renting versus foreclosure. There is a large body of research
linking foreclosure and health, but less research on the health effects of eviction among renters.
Still, renters and homeowners may face differential health risk as a consequence of housing loss.
As such, future research should distinguish the effects of rent eviction from foreclosure.
Finally, it is worth noting that while we have found a significant relationship between
eviction in this population and depression, this study likely offers a significant underestimation
of those affected by eviction. Individuals facing housing insecurity are less likely to participate
in studies such as Add Health. If they do participate, the instability of residence may lead them to
be lost to follow up. Future studies should consider creative research designs that allow for the
inclusion and follow-up of housing insecure participants. While the prospective study of eviction
may be extremely challenging, such a design would greatly enhance our ability to examine the
specific effects of eviction on health and wellbeing.

5.4 Future Research
Considering the frequency and scale of eviction in the US, population health research
should continue to examine the causes and consequences of eviction. While a large and growing
body of research assess the impacts foreclosure, particularly in the wake of the 2008 financial
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crisis, only a handful of studies examine or have included the effects of forced movement among
renters. This dearth of research is even more significant given the economic fallout from the
COVID-19 pandemic which is ongoing at the time of this writing. The recent CDC eviction
moratorium lasts only through the end of the year and does not absolve the tenant from paying
rent or restrict landlords from applying penalties, interest, or late fees on the tenant’s account for
non-payment of rent. Further, it does not prevent landlords from evicting tenants for other
violations including damaging or posing an immediate and significant risk of property damage
and failing to meet any non-rent or fee related contractual obligation, among others. Thus, while
the immediate threat of eviction for failure to pay rent may have subsided for the time being, the
solution is incomplete and temporary, leaving the door open for predatory landlords to continue
with evictions under the guise of other violations. Without more significant actions, we are likely
to see massive evictions as soon as the moratorium lapses resulting from unpaid back rent.
Further, we are likely to see additional increases in the rising foreclosure rates associated with
unemployment and the ongoing economic fallout of COVID-19 (Centopani, 2020).
Given the potential scope of the coming eviction crisis, understanding the effects of
eviction are now more important than ever. As of the time of this writing, researchers have
already demonstrated a link between lifting eviction moratoriums and increases in COIVD-19
incidence and mortality (Leifheit et al., 2020). However, the possible health impacts of this
potential wave of evictions go far beyond our immediate health crisis. While this analysis has
examined just one potential pathway by which eviction can impact health, Figure 1 indicates
other pathways that can and should be examined in future research. Further, in order to more
effectively assess the impacts of eviction, prospective studies should seek to follow at risk
families through the process of eviction in order to document its repercussions via these multiple
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pathways. Prospective studies of eviction may shed light on which parts of the eviction process
are most harmful, thereby illuminating effective intervention points. Another future research
direction includes the consideration of the variable effects of eviction across the life course. It is
highly likely that the health effects of eviction may be variable depending on the age of the
individual. Different pathways may be more or less frequently activated at different stages of the
life course. For example, psychosocial stress leading to poorer mental health outcomes may have
more significant effects among adolescents, young adults, and adults who may be more
conscious of eviction struggles and thus more likely to ruminate or experience stigma. On the
other hand, infants and children may be more vulnerable to environmental or disease exposures
resulting from eviction due to their immature immune systems and biological sensitivity to
environmental influences.

6. Conclusion
This study is one of relatively few to examine the impacts of eviction on the health and
wellbeing of young people as they age from adolescence to young adulthood. Taken together,
results indicated that the experience of eviction represents a significant stressor that is associated
with declines in mental and self-reported health outcomes as young people age. Importantly,
increased perceived psychosocial stress represents a critical pathway through which the
experience of eviction increases health risk among individuals who have reported experiencing
recent eviction. Additional research, especially longitudinal and prospective studies, are
necessary to better elucidate the effects of eviction on health. The potential for a massive
eviction crisis in the U.S. resulting from the ongoing economic crisis associated with the
COVID-19 pandemic, makes the need for greater research more pressing than ever. Future
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studies should seek to examine other potential pathways through which eviction may affect
health as well as consider the potentially variable impacts of eviction across the life course so
that policy and intervention efforts can be best targeted to prevent population health impacts.
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Figure Captions
Figure One. Pathways from Eviction to Poor Health Outcomes. The bolded pathway is tested in
the current analysis while other pathways represent potential areas for future research. It should
also be noted that more bi-directional and interactive relationships exist than are depicted in this
simplified model. For example, biological impacts are likely to interact synergistically with
disease outcomes or we might expect that the experience of depression and anxiety might also
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lead to negative coping behaviors that can in turn increase disease exposure or disease outcomes.
We encourage the reader to draw more connections between the elements of this figure than we
have included for the ease of interpretation.
Figure Two. Predicted number of depressive symptoms at Wave IV based on model using
inverse probability of treatment weighting with a regression adjustment estimator. n=5,394. The
model predicting the "treatment" (e.g., ever reporting eviction) includes measures of respondent
race-ethnicity, gender, and age; family SES at Wave I; total number of residential moves
between Waves I and III; and the measure of neighborhood socioeconomic conditions at Wave I.
The model of the outcome (depressive symptoms) includes race-ethnicity; gender; age; SES at
Waves I, III, and IV; marital status at Waves III and IV; total number of residential moves
between Waves I and III; neighborhood socioeconomic conditions at Waves I, III, and IV; and
perceived social stress.
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Table 1. Descriptive Statistics (Add Health 1994-2008) (n-5,934)
Full sample

Outcomes
Depressive symptoms
Wave III
Wave IV
Poor or fair self-rated health (1=yes)
Wave III
Wave IV
Key exposures
Ever evicted (1=yes)
Evicted in the past 12 months
Wave III
Wave IV
Covariates
Gender (1=female)
Race
White
Black
Hispanic
Asian
Age
Wave III
Wave IV
Socioeconomic status
Wave I
Wave III
Wave IV
Marital Status (1=married)

Mean/prop.

By eviction history
Never
evicted
Ever evicted
Mean/prop.
Mean/prop.

p-value

4.277
5.001

4.256
4.945

6.405
8.769

<0.001
<0.001

4.006
3.683

4.011
3.693

3.757
3.195

0.108
<0.001

0.016

-

-

-

0.008
0.009

-

-

-

0.497

0.498

0.406

0.165

0.739
0.122
0.108
0.030

0.740
0.120
0.109
0.030

0.692
0.229
0.043
0.036

0.024

21.823
28.947

21.814
28.188

21.993
29.188

0.465
0.283

0.039
0.009
0.027

0.042
0.014
0.042

-0.160
-0.414
-0.857

0.215
<0.001
<0.001
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Wave III
Wave IV
Residential moves
Number of moves between Waves I-III
Moved between Waves II-III (1=yes)
Moved between Waves III-IV (1=yes)
Neighborhood economic disadvantage
Wave I
Wave III
Wave IV
Perceived social stress (Wave IV)

0.385
0.671

0.382
0.670

0.421
0.661

0.584
0.901

2.457
0.193
0.139

2.435
0.196
0.140

3.408
0.148
0.166

0.003
0.470
0.668

0.834
0.589
0.652
4.629

0.827
0.586
0.647
4.596

1.407
0.843
1.188
7.014

<0.001
0.123
0.003
<0.001

Notes: p-value of difference in means/proportions between never evicted and ever evicted individuals; two-tailed
test.
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Table 2. Associations between Eviction History and Depressive Risk: Generalized Linear Models (Add Health, 1994-2008) (n=5,934)
Model 1

Ever evicted (1=yes)
Gender (1=female)
Race (White is ref.)
Black
Hispanic
Asian
Age (years) (Wave IV)
Socioeconomic status
Wave I
Wave III
Wave IV
Marital status (1=married)
Wave III
Wave IV
Number of residential moves between Waves I-III
Neighborhood economic disadvantage
Wave I

Basic
Coeff. (SE)
0.565***
(0.070)
0.177***
(0.027)

Model 2
+ SES & Fam.
Context
Coeff. (SE)
0.333***
(0.053)
0.190***
(0.027)

Model 3

Model 4

+ Neigh. SES
Coeff. (SE)
0.334***
(0.052)
0.190***
(0.027)

0.217***
(0.034)
0.120**
(0.044)
0.308***
(0.072)
-0.008
(0.008)

0.136***
(0.032)
0.080
(0.048)
0.249***
(0.071)
-0.001
(0.008)

0.134**
(0.040)
0.080
(0.051)
0.251***
(0.071)
-0.001
(0.008)

0.125**
(0.038)
0.077*
(0.030)
0.161**
(0.058)
-0.000
(0.006)

0.098*
(0.038)
0.050
(0.029)
0.142*
(0.061)
0.000
(0.006)

-0.049*
(0.019)
-0.053*
(0.022)
-0.187***
(0.021)

-0.049**
(0.018)
-0.053*
(0.022)
-0.187***
(0.022)

-0.037*
(0.014)
-0.029
(0.020)
-0.045*
(0.017)

-0.033*
(0.013)
-0.023
(0.020)
-0.031
(0.017)

-0.021
(0.028)
-0.093***
(0.025)
0.031***
(0.006)

-0.019
(0.028)
-0.092***
(0.025)
0.031***
(0.006)

-0.029
(0.020)
-0.050*
(0.022)
0.015**
(0.005)

-0.006
(0.020)
-0.053*
(0.021)
0.013**
(0.005)

-0.009
(0.011)

-0.016
(0.009)

-0.012
(0.009)

+ Perceived Stress
Coeff. (SE)
0.131**
(0.046)
0.095***
(0.022)

Model 5
+ Baseline CESD
Coeff. (SE)
0.115*
(0.054)
0.064**
(0.020)
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Wave III
Wave IV
Perceived stress scale (Wave IV)

0.012
(0.013)
0.002
(0.015)

0.030**
(0.011)
-0.005
(0.010)
0.158***
(0.003)

1.469***
(0.228)

0.684***
(0.189)

Depressive symptoms (Wave III)
Intercept

1.693***
(0.227)

1.480***
(0.225)

0.031**
(0.011)
-0.007
(0.009)
0.144***
(0.003)
0.034***
(0.002)
0.598**
(0.186)

Notes: Results of negative binomial regression models. Coefficients and standard errors presented. Outcome measured at Wave IV. All models adjust for
survey design effects and attrition using sampling weights.
*** p<0.001, ** p<0.01, * p<0.05
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Table 3. Change in Eviction Status and Change in Depressive Risk: First Difference Models (Add Health, 2001-2008) (n=9,029)

Δ Eviction
Δ Age (years)

Model 1
Basic
Coeff. (SE)

Model 2
+ SES & Fam. Context
Coeff. (SE)

Model 3
+ Neigh. SES
Coeff. (SE)

Model 4
+ Moves
Coeff. (SE)

0.139*
(0.060)
0.022***
(0.001)

0.135*
(0.060)
0.023***
(0.001)
-0.020
(0.013)
-0.030
(0.016)

0.135*
(0.060)
0.024***
(0.001)
-0.020
(0.013)
-0.030
(0.016)
-0.003
(0.008)

0.136*
(0.060)
0.024**
(0.001)
-0.020
(0.013)
-0.028
(0.016)
-0.003
(0.008)
0.015
(0.018)

9,201
18,402

9,201
18,402

9,201
18,402

9,201
18,402

Δ Socioeconomic status
Δ Marital status (1=married)
Δ Neighborhood economic disadvantage
Δ Residence (1=moved)

Number of respondents
Number of observations

Notes: Results from first difference models; coefficient estimates indicate how changes in the independent variables ("Δ x")
correspond to changes in depressive symptoms ("Δ y").
*** p<0.001, ** p<0.01, * p<0.05
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Table 4. Associations between Eviction History and Self-Rated Health: Generalized Linear Models (Add Health, 1994-2008) (n=5,934)

Ever evicted (1=yes)
Gender (1=female)
Race (White is ref.)
Black
Hispanic
Asian
Age (years) (Wave IV)
Socioeconomic status
Wave I
Wave III
Wave IV
Marital status (1=married)
Wave III

Model 1

Model 2

Model 3

Model 4
+ Perceived
Stress

Model 5
+ Baseline
Health

Basic

+ SES & Fam. Context

+ Neigh. SES

Coeff. (SE)

Coeff. (SE)

Coeff. (SE)

Coeff. (SE)

Coeff. (SE)

-0.289**
(0.089)
-0.471***
(0.124)
-0.586***
(0.162)
-0.007
(0.021)

-0.050
(0.094)
-0.310*
(0.123)
-0.379*
(0.166)
-0.035
(0.019)

0.032
(0.108)
-0.275*
(0.125)
-0.350*
(0.169)
-0.034
(0.019)

0.053
(0.104)
-0.271*
(0.127)
-0.274
(0.165)
-0.039*
(0.019)

-0.001
(0.120)
-0.283*
(0.131)
-0.201
(0.180)
-0.022
(0.018)

0.163***
(0.045)
0.103
(0.059)
0.518***
(0.062)

0.147**
(0.045)
0.099
(0.059)
0.508***
(0.062)

0.150***
(0.044)
0.085
(0.059)
0.396***
(0.062)

0.106*
(0.048)
0.022
(0.059)
0.314***
(0.065)

-0.029

-0.018

-0.012

-0.062

-1.138***
(0.304)
-0.113
(0.061)

-0.656*
(0.319)
-0.141*
(0.062)

-0.638*
(0.321)
-0.142*
(0.062)

-0.448
(0.302)
-0.069
(0.063)

-0.566
(0.293)
0.019
(0.062)
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Wave IV
Number of residential moves between Waves I-III

Neighborhood economic disadvantage
Wave I
Wave III
Wave IV
Perceived stress scale (Wave
IV)
Self-rated health (Wave III)

(0.080)
0.033
(0.067)
-0.001
(0.017)

(0.079)
0.040
(0.068)
-0.004
(0.017)

(0.077)
0.001
(0.069)
0.007
(0.017)

(0.082)
-0.033
(0.072)
0.019
(0.018)

-0.055
(0.030)
0.005
(0.035)
-0.006
(0.038)

-0.052
(0.028)
-0.009
(0.035)
0.001
(0.039)

-0.076*
(0.029)
0.000
(0.037)
0.017
(0.042)

-0.136***
(0.012)

-0.107***
(0.012)
0.900***
(0.045)

Notes: Results of ordinal logistic regression models. Self-rated health coded so that 1=poor and 5=excellent. Outcome measured at
Wave IV. All models adjust for survey design effects and attrition using sampling weights.
*** p<0.001, ** p<0.01, * p<0.05
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Figure 1. Pathways from Eviction to Poor Health Outcomes
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Figure 2. Predicted Depressive Symptoms by Eviction History: Inverse Probability of Treatment Weighting Models (Add Health,
1994-2008) (n=5,934)
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