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Motivation

• Income is extremely important as both 
outcome and predictor
• Income is difficult to measure: sources 

have strengths and weaknesses
• Previous research has combined sources, 

but scope and generalizability are limited
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A Comprehensive Income Dataset (CID)
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• Accurate and comprehensive measure 
of income for individuals, families and 
households
• Income, demographic characteristics, 

government programs and tax credits
• Uses: survey improvement, policy 

evaluation, and research



Income is difficult to measure

Source Strengths Weaknesses
Household surveys Rich demographics, representative of 

population, flexible platform
Measurement error, under-reporting, non-
response1

Tax records Accuracy, broad coverage (with 
information returns)

Lacks demographics, program information 
for in-kind benefits, and information on non-
taxable income
Tax units not necessarily economic unit
Under-reporting

Program participation 
data

Accuracy, needed to evaluate 
programs, eligibility and other 
information not available on surveys

Limited history and demographics
Misses non-recipients
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1Bee and Mitchell 2017; Meyer, Mok, and Sullivan 2015; U.S. Census Bureau 1993
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Surveys underestimate income from government 
programs
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Source: Meyer, Mok, and Sullivan (2015), by program and survey, 2000-2012



Income is difficult to measure

Source Strengths Weaknesses
Tax records Accuracy, broad 

coverage (with 
information 
returns), time series

Lacks demographics, program 
information for in-kind benefits, 
and information on non-taxable 
income
Tax units not necessarily 
economic unit
Under-reporting
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Income is difficult to measure

Source Strengths Weaknesses
Program 
participation 
data

Accuracy, needed to 
evaluate programs, 
eligibility and other 
information not available 
on surveys

Limited history and 
demographics
Misses non-recipients
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Defining income

• Focus on material 
well-being
• Includes income 

from all sources, 
some non-cash 
benefits
• State and federal 

income and payroll 
taxes
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Sources: Authors’ calculations. 
USDA FNS for SNAP, HHS ACF and BEA for AFDC/TANF, and IRS for EITC  
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Data for CID
Source type Phase I Phase II
Household 
surveys

Current Population Survey (CPS)
Survey of Income and Program Participation (SIPP)
American Community Survey (ACS)

Consumer Expenditure (CE) Survey

Tax data Forms 1040, W-2, 1099-R More detailed 1040 extracts, more extensive info 
returns 
Tax credits (e.g. EITC)
Unemployment Insurance (UI)

Federal 
programs

SSA: Social Security and Supplemental Security Income
HUD: Federal housing assistance 
HHS: Medicare and Medicaid enrollment, TANF

VA: Veterans Benefits

State 
programs

Public Assistance (e.g. TANF)
SNAP, WIC
LIHEAP

More Public Assistance, SNAP, WIC, LIHEAP
Workers Compensation
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Methods

• Records linked using Protected Identification Keys (PIKs)
• Linkage rate: 99% of most admin records, 90-97% of survey data
• Adjust sample weights to account for inability to link

• Unit of analysis reconciliation: tax unit, household rosters
• Link all dollars from admin records to survey households
• Assumptions regarding which income source is more accurate
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Progress on CID

• Developing a prototype
• Interagency agreements
• Linking data and cleaning data
• Assessing quality of linkages, characteristics and accuracy of data
• Gathering documentation and metadata
• Three years of funding
• Initial projects
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Estimated poverty rate reduction using administrative and 
survey data

Source for survey data: 2008 SIPP Panel, Waves 1-14 13

The poverty reduction 
of Social Security and 
means-tested 
transfers (Meyer and 
Wu 2018)



Percent of households in extreme poverty – under $2/person/day

Source for survey data: 2008 SIPP Panel, Wave 9
14

Survey 
reported 
cash

3.00%

Survey data 
adjustments

0.87%

Admin data 
adjustments

0.24%

The use and 
misuse of income 
data and the 
rarity of extreme 
poverty in the 
United States 
(Meyer, Mooers, 
Wu, and Medalia 
2018)



Future direction

Now
• Acquire new data; provide get-

backs to agencies
• Better documentation of data 

and methods
• Gather feedback from potential 

users

Vision and challenges
• Make available in FSRDCs
• Develop path to get from 

prototype to production
• Challenges to implement CID in 

survey production environment
• Mismatch of reference periods
• Availability of data – not all states
• Timeliness of data releases
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Thank you!
Email addresses: 
carla.medalia@census.gov 
bdmeyer@uchicago.edu
amy.ohara@georgetown.edu 
derekwu@uchicago.edu 
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