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data are left censored, in that shelter use prior to the initiation of the track-
ing system is not measured. These negative effects can be limited through
the use of OSHAs homeless client registry, which recorded a client’s first
entry into the shelter from December 22, 1989 forward. Therefore, all cli-
ents who had an entry in the registry during the 19 months before the
tracking system was implemented are excluded from the analysis, as are
all persons entering after October 1, 1993 (to give all persons equal op-
portunity for 2 years of shelter). The final file consists of 6,897 clients.

The Philadelphia data set, while smaller than its New York counter-
part, provides additional information since the client records for these ob-
servations have been matched to local databases on publicly reimbursed
mental health and substance abuse treatment (including 9 years of data,
1985-1993, from Medicaid, community mental health programs, state hos-
pitals, services to persons in jail, and so forth; see Culhane et al., 1996),
which provide much more comprehensive information on behavioral health
history than would be available from self-report. In the case of both Phila-
delphia and New York City, analyses examine only individual homeless shel-
ter clients, excluding for now family homeless databases, for which the client
typology is likely to be theoretically distinct.

These analyses also, by necessity, exclude private facilities that are
not tracked by the cities’ public shelter authority, which Culhane et al.
(1994) found to constitute 18% of the bed supply in New York City and
15% of the bed supply in Philadelphia. The Philadelphia data also exclude
stays in the entry facility for single men, where men may cycle through for
a series of one-night stays that are not tracked in the stay history file. Both
of these factors would presumably produce an undercount of total days
and episodes. The former would have an unknown differential impact on
the various clusters, while the latter would likely reduce the number of
persons in the transitional and episodic clusters.

Procedure

The method of analysis is cluster analysis, using the technique of near-
est centroid sorting to construct unique clusters when given a set number
of clusters. Although much of the obvious divisions in the shelter popula-
tion’s utilization profile can be understood through exploratory and descrip-
tive analyses of stay patterns (see Culhane & Kuhn, in press), a cluster
analysis provides well-defined and robust divisions between the groups in
the shelter population which might not be picked up by an exploratory
analysis. More important, it allows us to more readily test the reliability of
the model and the appropriateness of our predetermined cluster specifica-
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tions. The method employed in this model assigns a seed for each of the
clusters, which begins the iterative sorting procedure as the center of each
cluster. As the procedure progresses, cases are added in and the computer
considers the difference between the given observation and the seed on
each of two variables, squaring each difference, summing these squared
differences, and taking the square root of this sum. This Euclidian distance
can be examined spatially by picturing all of the observations mapped on
a two-dimensional graph in terms of the two variables. Taking these Eu-
clidian distances, the procedure allocates observations to given clusters
while iteratively moving the centers of the cluster, to eventually achieve a
group of clusters with the minimum sum of all the Euclidian distances be-
tween the observation points and their own cluster centers. While much
more systematic the method is similar in spirit to looking at a graph of all
the points and drawing circles around the main groupings on the graph.
The clustering procedure produces the most closely associated model of
group divisions within the constraints of the user’s specification of the num-
ber of clusters and the scaling of the variables. This use of Euclidian dis-
tance means that variations in observations which are measured into the
hundreds, like days (maximum 1,095 for New York, 730 for Philadelphia),
can swamp the effects of a measure like stays (max. 14 for New York, 10
for Philadelphia. It was therefore necessary to rescale these variables. In
this case, we rescaled the variables so that their value and variance were
the same while the variation within the measure was maintained qualita-
tively. Both variables were rescaled such that the mean was zero and the
variance was 1, although the actual values for the mean and variance of
the newly scaled variables should not matter as long as the variables have
the same mean and variance.

To employ the nearest centroid method, PROC FASTCLUS from the
Statistical Application System was used. This procedure is particularly use-
ful in such large data sets, as it employs a method for initializing the seeds
for each cluster such that few iterations of the procedure are required. As
seen in the next section, with such large data sets this is necessary, and it
results in no loss of effectiveness in the clustering. Additionally, this pro-
cedure is relatively insensitive to outliers, which could be important in this
data set (for more information on procedures of clustering, see SAS Man-
ual; Anderberg, 1973; Sokal & Michener, 1958).

In the current model, clusters are developed specifically based upon
the hypothesis of three distinct clusters of homeless shelter clients, using
a two-dimensional mapping based upon number of episodes in a period
versus number of cumulative shelter days in that same period. Although
the imposition of a three cluster model (vs. another number of clusters)
may seem arbitrary, the strong theoretical basis for the three cluster model
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establishes the need to test such a model. Additionally, some kind of con-
straint must be specified to achieve a usable model, either in terms of some
kind of criteria based on the Euclidian distance or based on number of
clusters. Since we are testing a particular model and since there is no theo-
retical basis available for developing clustering criterion for the differences
between clients’ number of episodes and days, we choose to specify a dis-
tinct number of clusters. Having formed the distinct clusters, they are plot-
ted in terms of days and episodes, distinguished by their cluster
membership, and descriptive characteristics are presented to show how the
size and spread of clusters. Then the clients’ records are compared in cross-
tabulations based upon cluster membership and important variables regard-
ing demographic, social, and psychological background.

RESULTS
Clusters by Stay History

Testing a cluster model on the data from New York and Philadelphia
revealed clusters which qualitatively fit the theoretical case profiles. The
three clusters have the expected mean case profiles based on the model
(Table II) and these should be discussed in further depth after assessing
the reliability of the cluster solutions. Thanks to the large size of the New
York data set, it is possible to conduct simple tests of reliability on sub-
samples of the data. The data set was divided into two subsamples, on
which the same clustering procedure was conducted with seeds determined
by the computer. The means of the two subsamples show that the means
of days and stays between the same clusters on the different subsamples
all show less than 2% difference between them (Table II). Following Rapkin
and Luke (1993), a discriminant analysis was conducted on the first sub-
sample, predicting cluster in terms of the standardized variables for days
and stays. Then, to test the level of misspecification, the discriminant model
from the first subsample was used to predict cluster membership on the
second subsample and these predictions were compared to the solution pro-
duced by the cluster model of subsample 2 (Table II). These tests show
that the clusters are robust, with 99.1% of the total observations (99.4%
transitional, 96.1% chronic, 99.1% episodic) being placed in the proper
clusters of subsample 2 based on the results from subsample 1.

Having established that the clusters are reliable and can be replicated,
each cluster should be described in terms of the shelter pattern and the
size of the group. First, regarding the New York data, Figure 1 depicts the
stay profiles of each client in terms of STAYS and STAYTIME, distinguish-
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Table I. Basic Tabulations of New York and Philadelphia
Analysis Populations in Percentages

Variable New York Philadelphia

Sex

Male 81.6 825

Female 184 17.5
Age

<30 354 68.3

3049 56.0 244

>50 8.6 72
Race

Black 64.1 87.6

White 12.2 7.6

Hispanic 224 38

Other 1.3 1.0
Self-reported disabilities

Mental illness 8.3 44

Medical illness 16.2 16.4

Drug abuse 310 38.2
Diagnosed disabilities

Severe mental illness 8.0

Severe substance abuse 23.6

Other mental illness 6.7
Miliary veteran 9.6

Table II. Cluster Sizes and Means for Subsample Cluster Models—New York

Transitional Episodic Chronic

Subsample 1

Sample size 29,553 3,202 3,788

Average No. of episodes 1.36 4.89 2.26

Average No. of days 57.3 260.5 630.3
Subsample 2

Sample size 29,760 3,416 3,544

Average No. of episodes 1.36 4.86 2.26

Average No. of days 578 265.4 634.8

ing cluster membership, and Table III shows basic measures of the cluster
model. These clusters seem to correspond to the typology suggested earlier.
Looking at the plot, a group resides in the lower left-hand corner of the
graph, indicating transitionally homeless clients. As shown in Table II, this
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Fig. 1. Cluster distribution map—days vs. stays: New York.
Table III. Cluster Sizes and Means for Subsample Cluster
Models—Philadelphia
Transitional Episodic Chronic
Subsample
Sample size 2,715 432 314
Average No. of episodes 1.19 3.82 1.51
Average No. of days 20.5 74.5 2542
Subsample 2
Sample size 2,700 374 362
Average No. of episodes 1.20 3.87 1.54
Average No. of days 20.4 71.6 250.5

cluster, based on measures of within-cluster standard deviation and maxi-
mum distance from the cluster seed to the farthest observation, is the small-
est cluster in terms of the portion of the graph which it covers. This can
also be borne out by the map, which shows that this group is relatively
homogenous in terms of the number of episodes and days in the shelter,
relative to the other clusters. Looking at summary statistics, these clients
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experience an average of 1.4 stays over the 3-year period, for a total of 58
days on average over the 3 years. The average length of each episode,
weighted by number of stays per client, is 42.4 days. Although this cluster
includes the narrowest range of days and stays, they makes up a large ma-
jority of the population, comprising of 59,367 people (81.0%) of the total
sample of 73,263.

In the lower right portion of the graph lie the episodic clients, with
many more stays than the transitional clients, and also more days, but roughly
the same number of average days per stay as the transitionally homeless.
This cluster accounts for a great deal of the range on the graph in terms of
number of episodes, but the range of stay lengths is more limited than with
the chronically homeless clients. And although there are some episodic clients
who logged over a year’s worth of shelter days in the 3 years of observation,
a large majority of them spent less than 1-year in the shelter. The means for
the episodic cluster indicate an average of 4.9 distinct shelter episodes in 3
years (Table IV) logging a total of 264 shelter days, for an average episode
length of 54.4 days. This profile represents 6,700 members of the New York
sample, or 9.1%. This cluster represents clients with from 3 to 14 stays in a
3-year period, with a stay length ranging from 1 to 895 days.

In the region of the graph with many more days logged than the tran-
sitional group lies the long stay, or chronically homeless cluster, with a
lower average number of stays at 2.3, but with many more days logged in
the system, with a mean of 638 days total. This gives this group an average
episode length of 281 days. This group also covers a great deal of ground
on the graph, and although the range of the episodic cluster is wider, the
within-cluster standard deviation is the greatest for this group, indicating
that the variation of shelter use is wider spread. The chronic cluster’s range
covers an area from a lone episode to six episodes with stay lengths from
317 to 1095 days, the last figure indicating the entire span of the database.
This cluster represents 7,196 clients, or 9.8% of the database.

Table IV. Cluster Statistics for Model—New York

Transitional Episodic Chronic Total
Sample size 59,367 6,700 7,196 73,263
Percentage of clients 81.0 9.1 9.8 100.0
Average No. of episodes 1.36 4.85 2.27 177
Average No. of days 57.8 263.8 637.8 133.6
Average days per episode 42.4 54.4 2809 75.4
Client days 3,432,785 1,767,292 4,589,946 9,790,023
Percentage of client days 351 18.1 46.9 100.0

Ratio % days/% clients 0.43 1.97 4.7 1.00
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This wide spread in the distribution of days of homelessness among
the chronically homeless group and in episodes among the episodically
homelessness could mean one of two things. It may indicate that these two
groups are more diverse populations because they represent such a wide
range of homeless shelter experiences. Otherwise, if these groups are no
more diverse in their backgrounds and experiences than the transitionally
homeless, it might indicate that, at a certain extent of shelter experience,
there is little heterogeneity between clients, even when the variations are
on the order of hundreds of days and several episodes in only a 3-year pe-
riod. This is an important issue to look at but this paper is restricted to
looking at between-cluster differences. What should be noted now in terms
of group utilization composition is that while the transitional population rep-
resents a vast proportion of the clients among the observation group, an-
other way to consider a group’s impact on the system is based on the number
of shelter days consumed by each group. Under this measure, the numbers
are more balanced. In total, all shelter users in this study population (those
who entered the system in 1988 or later) used 9.8 million shelter days in
the 3-year observation period. Of these days, the chronic stayers, with their
longer stays, represent 4.6 million days (46.9%) compared to 3.4 million for
transitional clients (35.1%) and 1.8 million (18.1%) for the episodic popu-
lation. The ratio of proportionate days to proportionate users is 4.8 for the
chronic, 2.0 for the episodic, and 0.43 for the transitional clusters. The
chronic stayers are very heavy users of total bed days per person, and com-
bined with the episodic group, consume two thirds of all shelter days.

Turning next to the much smaller Philadelphia database reveals a
qualitatively similar pattern to the New York model. Although the shorter
period of observation for this model (2 vs. 3 years) caused a difference in
the magnitude of numbers of stays and days, the proportions are strikingly
comparable (Table V). (These data exclude the short-stay entry facility for
single men.) Tb test this, a discriminant analysis similar to that used to
assess the reliability of the New York cluster solution was conducted to
test the similarities between the cluster solution for the New York and
Philadelphia data (Table III). A subsample equal in size (6,897 cases) to
the Philadelphia sample was taken from the New York sample and a cluster
model was then tested on this sample using the same methods. Discrimi-
nant analysis was applied to the New York cluster solution using the stand-
ardized variables and these predictions were then applied to the
Philadelphia cluster solution. Table I shows the striking result that between
solutions, the proportion of observations from all clusters which matched
between datasets was 99.6%. Additionally, to test the internal reliability of
the Philadelphia cluster solution, a subsample cross-validation was con-
ducted as well. These results show highly similar cluster case-profiles, with



A Typology of Homelessness 221
Table V. Cluster Statistics for Model—Philadelphia
Transitional Episodic Chronic Total
Sample size 5415 805 677 6897
Percentage of clients 78.5 11.7 9.8 100.0
Average No. of episodes 1.19 3.84 1.53 1.54
Average No. of days 20.4 72.8 2524 493
Average days per episode 171 189 164.8 321
Client days 110,674 58,599 170,878 340,151
Percentage of client days 325 172 502 100.0
Ratio % days/% clients 0.41 1.97 5.12 1.00
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Fig. 2. Cluster distribution map—days vs. stays: Philadelphia

all vlues of episodes and days varying less than 2% between samples. The
discriminant cross-validation (Table IV) showed a 99.3% overall match

(99.8% transitional, 95.3% chronic, 100% episodic)

Looking at the qualitative picture of the cluster solution for Phila-
delphia, we turn to Figure 2 for the map of these clusters and Table V for
the summary statistics. The transitional cluster again constitutes a vast ma-
jority of the clients, accounting for 5,415 people out of the total of the
total 6,897 clients (78.5%). These clients remain in the shelter for 1.19 stays
on average, logging 20.4 days of shelter time, with an average episode



222 Kuhn and Culhane

length of 17.1 days. The measures of spread (Table IT) and the map once
again establish this as the smallest of the three clusters in terms of spread.

The episodic group, once again in the lower right portion of the
graph, represents 805 people, or 11.7% of the population. These clients
averaged 3.84 episodes in the system for 72.8 days, with 18.9 days per epi-
sode. Their stay patterns range from 3 to 10 stays and from 3 to 320 days.
The 677 members of the chronic group (9.8% of total), in the upper left-
hand corner, average only 1.53 stays, but spend an average of 252 days in
the system total, with 165 days per episode. Covering the most ground spa-
tially based on all provided measures, the members of this cluster range
in shelter experience from 1 to 5 stays and from 132 to 730 days (the entire
2 years).

The intercluster breakdown of system resource consumption in terms
of shelter days mirrors that of the New York system. Of 340,151 days,
chronic stayers consume 170,878 days (50.2%), transitional stayers use
110,674 days (32.5%), and episodic clients take up 58,599 days (17.2%).
The ratio of proportionate days to proportionate users by cluster is also
strikingly similar to that in New York: 5.1 for the chronic, 1.5 for the epi-
sodic and 0.41 for the transitional clusters.

Clusters by Background Variables

Having established three distinct clusters of homeless shelter clients,
they were compared in terms of background characteristics (Table VI and
VII). This process shows that the clusters differ in background charac-
teristics and treatment profile, thus establishing the validity of the cluster
model and demonstrating the importance of understanding the different
clusters in terms of their differing background. In New York, looking first
at demographic variables, namely, ethnicity, gender, and age, significant re-
sults bear out when comparing ethnicity by cluster (Black/non-Black).2 Not
only are only a large proportion of clients Black (62.4%), but they are fur-
ther overrespresented in the chronic homeless population (71.3%) and es-
pecially the episodic (73.8%). Looking at gender, the results show no
significant difference between the clusters.

The age distribution shows sharp disparity between the chronic popu-
lation and the other two populations. Over 1.5 times as many of the tran-
sitional and episodic clients are under age 30 as chronic stayers (36.3 vs.
23.2%). Looking at the other end of the age distribution, 13.9% of the
chronic population is over age 50 compared to only 8.3% of transitional

ZFor the sake of simplicity, we henceforth refer to the chronic, episodic, and transitional
clusters, as determined by the results of the previous section.
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Table VI, Background Characteristis by Cluster: Percentage of Cluster in Given
Category—New York

% Transitional % Episodic %Chronic Three-way Episodic vs.
(n = 59,367) (n = 6,700) (n = 7,196) x* chronic

Demographic
Black 83.6 90.5 92.9 749.2 10.6
Male 81.5 81.8 82.3 32 0.6
<30 years 36.1 377 23.2 497.7 345.8
>50 years 8.3 6.3 13.9 309.8 2217

Disabilities
Mental illness (MI) 6.5 11.8 15.1 826.2 320
Medical 14.2 19.8 24.0 563.8 352
Substance abuse (SA) 28.2 40.0 379 613.8 6.0
SA or MI 31.8 4.9 454 884.8 0.4
SA and MI 29 6.9 7.7 605.9 35
MI or Medical 18.2 272 334 1115.9 64.2
MI and Medical 25 4.5 5.7 280.6 11.0
Medical or SA 36.0 49.1 50.3 887.8 2.0
Medical and SA 6.4 10.6 11.6 385.4 3.6
Any of three 384 526 55.4 1145.0 10.9
All three 1.3 3.0 33 260.5 14

4Chi-square tests between all three clusters have 2 degrees of freedom (p < .05 if x> = 6.0).
bChi-square tests between episodic and chronic have 1 degree of freedom (p < .05 if 2 >
3.8).

stayers and 6.3% of episodic stayers. It should be noted though, that while
the tails of the age distributions for each cluster differ, the modal ages for
each cluster do not differ much (32 for transitional, 31 for episodic, 34 for
chronic). Additionally, a similar proportion (39, 40, 38%, respectively) of
each cluster are in the 30-39 age group.

Turning to issues of behavioral health also introduces important ef-
fects. Although 30.3% of all clients report or are determined to have sub-
stance abuse problems, an even larger number of the chronically homeless
(37.9%) and a significantly larger number of episodically homeless (40.0%)
have a positive substance abuse indicator, compared to only 28.2% of the
transitionally homeless. The results for the indicator of mental health prob-
lems show an even sharper disparity. Though only 7.8% of the transitionally
homeless have a mental health indicator, this proportion rises to 11.8% for
the episodically homeless and to 15.1% for chronically homeless. A similar
pattern emerges for the indicator of poor medical health, where chronically
and episodically homeless are on average 1.5 times as likely to report medi-
cal problems as transitionally homeless clients.

Table VI also combines the prevalence of these indicators among the
clusters, presenting proportions in each cluster who report any of the given
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Table VIL Background Characteristis by Cluster: Percentage of Cluster in Given
Category—Philadelphia

% Transitional % Episodic Chronic Three-way Episodic vs.
(n = 59367) (n = 6,700)(n = 7,19) x*  chronic x?

Demographic
Black 83.6 90.5 929 55.0 245
Male 83.1 91.7 71.1 103.0 97.6
<30 years 28.4 345 29.7 12.6 39
>50 years 7.6 6.2 9.0 4.1 4.2
Veteran 8.4 12.6 15.6 438 2.5
Self-reported disabilities
Mental 34 6.4 53 18.3 0.7
Medical 14.0 18.7 28.7 98.5 19.0
Substance abuse 312 50.5 69.5 424.6 51.3
Treatment match disabilities
Substance abuse (SA) 26.5 44.5 33.0 105.0 19.2
Severe mental illness (SMI) 7.8 9.9 8.6 41 0.7
Other mental health 6.1 7.0 12.1 283 10.6
SA and SMI 4.1 6.5 4.6 9.3 25
SA or SMI 44.0 62.6 74.9 295.5 25.6
Combined levels
Any drug diagnosis 40.4 59.1 70.2 283.0 19.5
Both drug diagnoses 123 220 24.2 101.0 1.0
Any mental diagnosis 14.5 17.0 21.3 22.7 4.3
Both mental diagnosis 1.9 3.7 38 28.1 0.01
Any diagnosis 49.1 65.5 83.2 3275 59.2

4Chi-square tests between all three clusters have 2 degrees of freedom (p < .05 if X% = 6.0).
bChi-square tests between episodic and chronic have 1 degree of freedom (p < .05 if ¥* >
3.8).

difficulties along with cases of multiple diagnoses. Looking at the interac-
tion between mental health problems and substance abuse, which are com-
monly thought to coincide, while 31.8% of transitional clients report either
of these problems, 44.9% of the episodic cases, and 45.4% of chronic cases
report at least one. Looking at the intersection of these indicators, 6.9%
of episodic and 7.7% of the chronic cases are indicated with both problems,
compared to only 2.9% of transitional clients. Finally, those people who
report or are determined to have any of the three problems constitute
55.4% of the chronic homeless population to 52.6% of episodic cases, and
a lower but still noteworthy 38.4% of the transitionally homeless population
(again, indicators are not based on standardized diagnositic interviews but
on self-report and interviewer determination, and are therefore likely un-
derestimates of the prevalence of these conditions).
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Although the data from Philadelphia contain far fewer observations,
they do contain more detailed background variables (see Table VII). In
terms of the gender breakdown of the Philadelphia system, there are many
fewer women in the episodic group (8.3%) than in the transitional group
(16.9%). Unexpectedly, though, women make up 28.9% of the chronic
population.

The ethnic composition of the Philadelphia system also shows signifi-
cant differences between the clusters, while showing the striking ethnic
composition of the system. Again, the smallest percentage of Black clients
exists in the transitional group, which is 83.6% Black. This compares to
92.9% of the chronic group and 90.5% of the episodic group. While there
are significant differences in the number of White members in each cluster,
it is clear that White people make up a very small portion of all subgroups
of the Philadelphia shelter population.

Looking at the age distribution of the Philadelphia clusters, there is
not much intercluster difference. Although the differences between clusters
are significant, they are small, and the modal ages for the clusters are 32
for chronic and 31 for the other two clusters.

Turning to behavioral health issues, this analysis includes both shelter
records (self-report or interviewer observations) and the results of matches
to 9 years of public mental health and substance abuse treatment records
(Medicaid, community mental health programs, state hospitals, services in
jails, etc.; for more details, see Culhane et al., 1996). Based on the shelter’s
interview indicator alone, a significant difference can be detected between
clusters based on a chi-square test for mental health problems. Of the tran-
sitional group, 3.4% were indicated as having mental health problems, com-
pared to 6.4% of the episodic homeless and 5.3% of the chronic homeless;
the difference between the episodic, and chronic groups is not significant.
Looking at the matches to treatment records, significance is not found re-
garding measures of severe mental health problems (schizophrenia and af-
fective psyhosis) (7.8% transitional, 9.9% episodic and 8.6% chronic), but
the chronically homeless do show a higher rate of treatment for “other”
mental health disorders (6.1% transtitional, 7.0% episodic, 12.1% chronic)
(all diagnostic clusters based on most frequently occurring diagnosis).

A more striking difference between clusters appears in the popula-
tions’ substance abuse indicators. In the shelter’s own indicator of substance
abuse, there is much more evidence of substance abuse among chronic and
episodic shelter clients (69.5 and 50.5%, respectively) than among transi-
tional clients (31.2%), but a generally high rate of substance abuse per-
vades. Measures of substance abuse based on the treatment databases show
a similarly high level but show a reversed pattern in terms of chronic versus
episodic, with episodic clients having a significantly higher rate of treatment
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(44.5%) than the chronic clients (33.0%). Overall, the Philadelphia popu-
lation has a high rate of any behavioral health condition (treated or indi-
cated), with 49.1% of the transitional, 65.5% of the episodic and 83.2% of
the chronic having any such condition.

There is also a strongly significant result regarding medical conditions,
with a gradient from the lowest percentage for transitional stayers to the
highest for chronic stayers. There is also a strong military veteran status
effect, showing a higher proportion of veterans among the chronic and epi-
sodic groups than among the transitional group. The results do not show
a significant gradient for rates of pregnacy once variations in the female
population of the clusters are controlled.

DISCUSSION

As stated in earlier sections, it is obvious that three distinct clusters
can be formed from these data, since the analysis was constrained to pro-
duce three clusters. What is interesting is that these clusters formed in the
expected pattern and this pattern was replicated between subsamples and
between the two data sets. When these cluster solutions were compared
internally and compared between the two data sets, they were found to be
quite robust. We find a cluster consisting of those who used the shelter for
a short time, presumably as a time to recover from a temporary emergency;
a cluster of episodic clients, who move in and out of the shelters frequently,
possibly alternating shelter stays with bouts of street homelessness, hospi-
talization, and incarceration; and a cluster of chronic stayers who rarely
leave the shelter over long periods. Although the transitional cluster has
by far the most members, the impact of chronic clients on the overall shel-
ter load in the homeless shelter system strongest. Having formed these clus-
ters as expected, with stay profiles consistent with expectations, the most
interesting question asks whether these case profiles are associated with
certain background characteristics. In this regard, strong, theoretically con-
sistent results are found. ‘

In terms of demographic factors, some consistency with common pro-
files of the homeless shelter populations is shown. The chronic client is
more likely to be non-White, and to be much older in terms of the tails
of the age distribution. The transitional and episodic are more likely to
include younger persons, with the episodic more likely to include non-White
persons than the transitional. The overall low proportion of White persons
to use shelter in both cities is noteworthy. Perhaps equally as important,
there are significant differences in the different shelter populations in terms
of background characteristics, especially regarding health, mental health,
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and substance abuse. The New York data show a gradient from transitional
group, up to episodic, and up to chronic in terms of all of these indicators.
In the case of all three indicators, the homeless population shows an above
average prevalence of these indicators, but among the chronic population,
the prevalence of any of these problems is very high, at 55% for New York.
In Philadelphia, where more comprehensive data on behavioral health are
available (actual treatment records spanning 9 years), nearly all of the
chronically homeless (83%) and most of the episodically homeless (66%)
have either a mental health or a substance abuse indicator or prior treat-
ment, as do almost half of the transitionally homeless (49.1%), and in each
case, substance abuse is overwhelmingly the most common condition., The
models also act as an interesting test of results from earlier work on the
Philadelphia data (Culhane et al., 1996), which suggested the possibility that
the episodically homeless population could have as high or higher preva-
lence of mental health and possibly substance abuse problems as the
chronically homeless, since frequent hospitalizations would lend more to
an episodic pattern of homelessness. The New York data contradict this
suggestion, showing higher prevalence of mental illness and substance
abuse among the chronic population. The Philadelphia data, which are
more reliable since they are based upon treatment data rather than self-
report, show support for this in terms of a significantly higher substance
abuse treatment history among the episodic population, and no significant
difference between chronic and episodic in terms of the shelter’s mental
illness indicator and the measure for treatment of severe mental illnesses.

The most interesting finding regarding these issues in the two systems
involves mental health status. As mentioned carlier, New York’s system
shows a steep gradient in mental illness between the groups, whereas the
differences in the Philadelphia population are not significant. The resuit
could mean that the mental health system in Philadelphia is achieving its
goal of keeping those persons with severe mental disorders who do become
homeless from making a career of homelessness. An important test of these
possibilities would involve looking at inpatient records following episodes
of homelessness to see if there are lower rates of shelter recidivism fol-
lowing hospitalization (Averyt, Kuno, Rothbard, & Culhane, in press). The
higher rate of “other mental disorders” among the chronic stayers could
mean that such persons are not deemed sick or disabled enough to warrant
hospitalization or to receive priority for other interventions, including resi-
dential programs, by the local mental health authority (see also Culhane,
Averyt, & Hadley, in press).

This paper, while employing similar methods to previous cluster
analyses of homelessness, is different from those other papers. While those
papers were based upon small but intense retrospective studies of all kinds
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of homelessness, these data are from large administrative databases cover-
ing only the sheltered population. Previous studies have tried to develop
categories of homelessness based upon case history profiles and background
and treatment characteristics all in the same model. This study, on the
other hand, seeks to cluster only case profiles in a simple, yet theoretically
based manner, and then validate whether these different case profiles have
meaning in terms of demographic and treatment factors.

An important distinction of this research compared to previous ap-
plications of the cluster analysis approach is its advantage in producing
clusters by both shelter days and stays variables. Looking at the cluster
graphs, the apparent difference is clear in producing a more complex
model. Many members of the transitional stay cluster actually logged more
days than episodic clients, but none of them logged more shelter episodes.
Among episodic clients, it is possible to log both more days and stays than
chronic clients. So the clusters are determined jointly by days and episodes,
thus giving the results much more texture than a one dimensional model.
In terms of the background characteristics, the differences in levels of back-
ground indicators are by no means universally gradated in the same way
as the mean stay time for each cluster, giving more meaning to the two-
dimensional nature of the clusters. The most obvious example of this fact
is seen in the analysis of substance-abuse treatment data in Philadelphia,
where levels are similar for the chronic and transitional groups, but much
higher for the episodic group. This is not surprising based on the literature
which suggests that substance abusing homeless may be typified by stays
in shelters frequently interrupted by stays in jail, detoxification centers, and
hospitals, and who may be more likely to be involuntarily discharged from
shelter for violations of shelter rules (Philadelphia has a “clean and sober”
policy among shelter users).

From a policy and program-planning perspective, this study suggests
that efforts designed to reduce homelessness would be more efficient and
potentially more effective if they were tailored and targeted by cluster. For
example, the transitionally homeless, by far the largest cluster, appear to
be in less need of highly structured residential programs to reduce their
residential instability, given their apparent capacity for independent living,
as evinced by a relatively low level of shelter utilization and low rate of
readmission. Accordingly, programs designed to assist the transitionally
homeless might be less residential in emphasis (at least beyond emergency
shelter), but would emphasize community-based homelessness prevention
and housing transition services designed to assist persons moving between
jobs or housing arrangements, and/or seeking treatment for behavioral
health, problems. By intervening earlier in the process of residential insta-
bility, such efforts could also yield benefits in reducing the number of peo-
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ple who go on to become episodically and chronically homeless as well.
However, the sheer size of this group also raises questions about the suf-
ficiency of the current “safety net,” and about whether “homelessness pre-
vention” should be conceived more broadly as a fundamental function of
the larger system of income, employment, health and housing supports.

The needs of the episodic homeless may be more complicated in that
they appear to be in need of more structured housing opportunities that
include health and social support services. Such persons seem to be the logi-
cal target for transitional housing and residential treatment programs, some
of which are currently targeted more generically for homeless persons. The
relatively greater cost of such services and this cluster’s smaller size both
argue for the potential value of careful targeting for such programs. Some
incentive for maintaining or even expanding such programs may be found
in the savings that they might yield in terms of other system costs (hospitals,
jails, street homelessness). Future research should investigate this possibility.

The chronic shelter users, though a relatively small and finite popu-
lation, consume nearly half of the shelter days, and, therefore, targeted
programming seems both potentially beneficial to the clients and effective
in reducing shelter system costs. For this group, the shelter system is not
acting in its “emergency” capacity, but is serving as a long-term housing
arrangement. The appropriateness of this utilization pattern should be
evaluated. For example, such persons may benefit from alternative long-
term housing options, including supported housing, SROs, subsidized rental
housing, and, in some cases, board and care or nursing facilities. By trans-
ferring chronic shelter stayers to other community housing programs, more
emergency resources would be available for their intended function.

This study is limited by its reliance upon administrative data for re-
cording periods of homelessness and for measuring the characteristics of
shelter users. While the Philadelphia shelter records have been supple-
mented by 9 years of treatment records, and therefore provide more reliable
indicators of health status, none of the study data are based on structured
diagnostic interviews. Periods of “street homelessness” are also not captured,
and may reveal that members of the episodic and transitional clusters are
indeed chronically homeless but use shelters less consistently. This study was
also restricted to single adults without accompanying children, so the results
do not apply to persons in homeless families, who represent approximately
60% of the sheltered population in both cities. Last, this study’s results were
based on data from Philadelphia and New York City, and may not be gen-
eralizable to other jurisdictions, particularly smaller cities and towns. Areas
that have maximum shelter stay limits also have very different results than
found here (neither of these cities have maximum shelter stay limits). It is
noteworthy that both of these shelter systems have evolved through a series
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of local policy initiatives, laws, court enforced standards, and consent decrees
that may affect the study results (see Culhane, 1992, and Culhane, Metraux
& Wachter, in press, for more detailed descriptions). However, the cluster
profiles in both cities share many features, despite significant differences in
service system configuration and history.

Conclusion

The paths in homelessness are clearly different for the chronic, episodic,
and transitional populations, as identified by the present study procedures.
The shelter stay is generally but one step in a process of economic and social
trauma, followed by possible recovery or continued descent. Yet the shelter
stay can be an important period, since it is a time when the homeless can
be reached. The transitionally homeless population, with substantially less be-
havioral and physical problems, have less need for highly structured residen-
tial services than populations with more such problems, and in these cases,
short term support, treatment, and community placement measures may be
appropriate. Additionally, populations who tend to shuttle in and out of
homeless shelters for short periods should be targeted differently than the
population who are permanent fixtures in shelters. Each group poses signifi-
cant societal costs and obligations, and the ways in which they are addressed
should reflect the differences in the needs of the respective populations.

Policy makers need to study further the needs of these different popu-
lations, and social scientists could support such efforts by investigating how
these populations become homeless, and how homelessness and homeless
services affect them. Because the present study is limited to the analysis
of administrative data on public shelter utilization, future research should
also explore the extent to which these typologies would be affected by the
inclusion of homelessness experiences outside of public shelters.

REFERENCES

Anderberg, M. R. (1973). Cluster analysis for applications. New York: Academic Press.
Averyt, J., Kuno, E., Rothbard, A., & Culhane, D. (in press). Impact of continuity of care
on recurrence of homelessness following an acute psychiatric episode. Continuum.
Babhr, H. (1973). Skid row: An introduction to disaffiliation. New York; Oxford University Press,
Bahr, H., & Caplow, T. (1973). Old men drunk and sober. New York: New York University
Press.

Burt, M. (1994). Comment. Housing Policy Debate, 5 (2), 141-152.

Cohen, C.,, & Sokolovsky, J. (1989). Old men of the Bowery: Strategies for survival among the
homeless. New York: Guilford.

Culhane, D.P. (1992). The quandaries of shelter reform: An appraisal of efforts to “manage”
homelessness in Philadelphia. Social Service Review, 66 428-440.



A Typology of Homelessness 231

Culhane, D. P., Averyt, J., & Hadley, T. R. (1996). The treated prevalence of behavioral health
disorders among adults admitted to public shelters in Philadelphia, and the rate of shelter
admission among users of behavioral health services: Results from the integration of
longitudinal data on shelter and behavioral health services. Rockville, MD: SAMHSA,
Center for Mental Health Services.

Culhane, D. P., Averyt, J., & Hadley, T. R. (in press). The prevalence of treated behavioral
health disorders among adults admitted to the Philadelphia shelter system. Results from
the integration of longitudinal data. American Journal of Orthopsychiatry.

Culhane, D., Dejowski, E., Ibanez, J., Needham, E., & Macchia, 1. (1994). Public Shelter
Admission Rates in Philadelphia and New York City: The Implications of Turnover for
Sheltered Population Counts. Housing Policy Debate 5(2): 107-140.

Culhane, D. P, & Kuhn, R. (1998). Patterns and determinants of shelter utilization among
adults admitted to public shelters in Philadelphia and New York City. Journal of Policy
Analysis and Management.

Culhane, D. P., Metraux, S., & Wachter, S. (in press). Homelessness and the provision of
public shelter in New York City. In M. Schill (Ed.), Housing in New York City.

Farr, R, Koegel, P., & Burnam, A. (1986). A Survey of homelessness and mental iliness in the
skid row area of los angeles. Los Angeles: Los Angeles County Department of Mental
Health.

Fischer, P., & Breakey, W. (1986). Homelessness and mental health: An overview.
Intemational Journal of Mental Health, 14 (4): 6-41.

Grigsby, C., Baumann, D., Gregorich, S., & Roberts-Gray, C. (1990). Disaffiliation to
entrenchment: A model for understanding homelessness. Journal of Social Issues, 46
(4):141-156.

Hopper, K., & Hamberg, J. (1986). The making of America’s homeless: From skid row to
new poor, 1945-1984. In R. Bratt, C. Hartman, & A. Meyerson (Eds.), Critical perspectives
on housing. Philadelphia: Temple University Press.

Hopper, K. (1989). Deviance and dwelling space: Notes on the resettlement of homeless
persons with alcohol and drug problems. Contemporary Drug Problems, 16 391-414.
Humphreys, K., & Rosenheck, R. (1995). Sequential validation of cluster analytic subtypes of

homeless veterans. American Journal of Community Psychology, 23, 75-98.

Jahiel, R. (1992). Empirical studies of homeless populations in the 1980s. In R. Jahiel (Ed.),
Homelessness: A prevention oriented approach. Baltimore: Johns Hopkins University Press.

Koegel, P. (1987). Ethnographic perspectives on homeless and homeless mentally ill women.
Rockville, MD: National Institute of Mental Health (Conference proceceeding).

Koegel, P., & Burnam, M. A. (1994). The course of homelessness among homeless adults in
Los Angeles. Presented at the annual meeting of the American Public Health Association,
Washington, DC.

Lehman, A. F., & Cordray, D. S. (1993). Prevalence of alcohol, drug, and mental disorders
among the homeless: One more time. Contemporary Drug Problems, 20, 355-383.

Link, B. G., Susser, E., Stueve, A., Phelan, J,, Moore, R., & Struening, E. (1994). Lifetime
and five-year prevalence of homelessness in the United States. American Journal of Public
Health, 84, 1907-1912.

Lovell, A. M., Barrow, S. M., & Struening, E. L. (1984). Measurement issues in services
research on the homeless mentally ill. In J. Franks & M. Levine (Eds.), Proceedings of
the eighth annual MSIS National Users Group conference. Orangeburg, NY: Nathan Kline
Institute.

Mowbray, C., Bybee, D., & Cohen, E. (1993). Describing the homeless mentally ill: Cluster
analysis results. American Journal of Community Psychology, 21, 67-93.

Morse, G. (1986). Contemporary assessment of urban homelessness: Implications for social
change. St. Louis, MO: University of Missouri.

Piliavin, I., Sosin, M., Westerfelt, A., & Matsueda, R. (1993). The duration of homeless
careers: An exploratory study. Social Service Review, 68, 236-53.

Rapkin, B. D., & Luke, D. A. (1993). Cluster Analysis in Community Research: Epistemology
and Practice. American Journal of Community Psychology, 21, 247-277.



232 Kuhn and Culhane

Rossi, P. H. (1989a). Down and out in America: The origins of homelessness. Chicago:
University of Chicago Press.

Rossi, P. H. (1989b). Without shelter: Homelessness in the 1980s. New York: Priority.

Shinn, M., Knickman, J. R., & Weitzman, B. C. (1991). Social relationships and vulnerability
to becoming homeless among poor families. American Psychologist, 46, 1180-87.

Shlay, A., & Rossi, P. H. (1992). Social science research and contemporary studies of
homelessness. Annual Review of Sociology, 18, 129-60.

Snow, D., & Anderson, L. (1987). Identity work among the homeless: The verbal construction
and avowal of personal identities. American Journal of Sociology, 92, 1336-1371.

Sosin, M., Piliavin, 1., & Westerfelt, H. (1990). Toward a Longitudinal Analysis of
Homelessness. Journal of Social Issues, 46(4), 157-74.

Sullivan, P., & Damrosch, S. (1987). Homeless women and children. In R. Bingham, R. Green
& S. White (Eds.), The homeless in contemporary society (pp. 82-98). Newbury Park, CA:
Sage.

Weitzman, B., Knickman, J., & Shinn, M. (1990). Pathways to homelessness among New York
City families. Journal of Social Issues, 46(4), 125-140.



